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I Introduction

Schools are often considered the main institution for delivering education. Yet, children spend

most of their time at home and with their parents, especially in their early years. In high-income

settings, parents directly support their children’s education, but in low-income settings, parental

involvement is substantially lower, exacerbating gaps in learning outcomes (Blandin and Herrington

2022; Taubman 1989). Evidence from cross-country surveys in low- and middle-income countries

shows that in some cases less than 10% of households have story books at home (Zuilkowski et al.

2019). Enhancing parental engagement with their children’s education in the early years in low-

income settings may be a promising path to realizing untapped human capital.1

The role of parents in education is especially critical in light of low learning levels in many

low- and middle-income countries (LMICs) (Angrist et al. 2021; Behrman and Birdsall 1983; UN-

ESCO 2018). Three-quarters of children in LMICs fail to obtain basic numeracy skills by Grade

4 (UNICEF 2022a). In South Asia, 78 percent of 10-year-olds are unable to read and understand

a simple text (UNICEF 2022b). Additional education provision in the household represents a

high-potential margin to complement schools and help close substantial learning gaps.

We present results from a randomized controlled trial in the Philippines to evaluate Family

Academy (“FA”), an 8-week program that promotes parental direct engagement in their young

child’s education via various flashcard games teaching math and phonics. We collected detailed

learning outcome data in three waves: a baseline, shortly after program completion, and a year

after program completion. The program targets families with children between ages 3 to 5 years

old. An in-person coach from the community is trained and then visits households for two 45-

minute sessions each week to conduct learning sessions with the child as well as promote positive

parenting in general. One of the sessions focuses on math, and the other on phonics. The activities

target developing mathematical skills such as recognizing colors, shapes, and number recognition

through finger counting, as well as phonics skills such as identifying letters, sounds, and reciting the

alphabet through song. The sessions involve parents as active participants, with a ‘tell-show-do’

approach: the coach first introduces the learning activity, then demonstrates it, and finally invites

the parent to lead the activity and offers them feedback.

Learning outcomes improve substantially, by 0.52 to 0.51 standard deviation for basic math and

phonics skills (p-value < 0.001 for both) relative to the control group. The marginal cost per child

was USD$32.2 These learning outcome gains in math have some persistence over time, with 0.15

standard deviation impacts over a year after the intervention (p=0.06) and phonics skills improving

by 0.13 standard deviation (p=0.12). These effects are considered large in a literature where over

half of education interventions have no positive effect (Angrist et al. 2020), and the median effect size

is 0.1 standard deviations (Evans and Yuan 2022). Parents are highly engaged in the instruction of

their child during the intervention, revealing that parents even in low-literacy settings can effectively

1We use the term “parents” broadly as a shortcut for “primary caregivers”. Primary caregivers may not be the
parents and may be singular not plural.

2We include more details on cost-effectiveness analysis in the Conclusion.
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engage in education. However, alternative parental behaviors and investments are only marginally

affected, such as positive parenting, suggesting that most of the learning gains are realized through

the channel of direct parental engagement in instruction.

We contribute to three literatures. First, a large literature establishes early childhood devel-

opment (ECD) as a highly cost-effective are for investment in education3, usually focusing on the

earliest years and measures impacts on nascent skill acquisition. We build on this literature, evalu-

ating an intervention which aims to directly improve more advanced cognitive skills, such as early

math and phonics skills. We contribute evidence of a cost-effective approach to close skills gaps in

a concentrated period. The approach tested is particularly cost-effective since it does not require

infrastructure investment, which is common in many early childhood interventions which require

new centers to be built.4

We further conduct our evaluation right before primary school to maximize school readiness. A

recent high-profile report finds that while many ECD programs are effective, if students enter low-

quality education systems thereafter, these gains could be short-lived (Global Education Evidence

Advisory Panel 2020). Ensuring students learn foundational literacy and numeracy skills and are

prepared for primary school could maximize effectiveness in the long-term. Our results show that

parents can substantially improve basic math and phonics skills, even in a low-resource setting, thus

providing essential foundational skills. If the intervention we study is complementary to preschool

and primary school instruction, treatment effects would be augmented, and could lead to already-

effective programs to perform even better (e.g., see Andrew et al. (2024); Behrman et al. (2024);

Meghir et al. (2023); Wang et al. (2023). Preschool programs are increasingly popular, yet do not

have universal coverage in some places and might still benefit from complementary approaches to

close skill acquisition gaps. If the intervention studied is substituted for by preschool, as preschool

becomes more common, treatment effects would be attenuated. Given we find similar treatment

effects regardless of baseline enrollment in alternative preschool options, however, this suggests

the intervention studied is at least in part complementary, closing learning gaps which remain

stubbornly persistent despite alternative options.

We also contribute to a literature on parental investment in education. Growing evidence ex-

plores the role of information frictions between parents’ knowledge of their child’s learning and

their corresponding educational investments (Angrist et al. 2022; Bergman 2021; Bergman and

Chan 2021; Berlinski et al. 2021; Bettinger et al. 2021; Cortes et al. 2023; Dizon-Ross 2019; York

et al. 2019). However, less evidence exists investigating a comprehensive suite of parental engage-

ment mechanisms. We provide new evidence on a wide array of parent investments in their child’s

education. These mechanisms include: information frictions, positive parenting behavior, parental

time spent on direct instruction, and parental involvement in school, among others. Overall, parent

instruction (rather than a suite of alternative investments) is the main mechanism for productive

3(Berlinski and Schady 2015; Carneiro et al. 2019; Gertler et al. 2014; Heckman et al. 2013; Ludwig and Miller
2007; Macours et al. 2015; Mayer et al. 2023; McCoy et al. 2017; Wolf et al. 2019; Yoshikawa and Kabay 2015)

4Additional options to increase cost-effectiveness include conducting sessions in group settings rather than at
individual households (Grantham-McGregor et al. 2020).
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parental investment in their child’s human capital. This result is somewhat surprising since it

is often assumed that parents in low-resource settings with limited education themselves cannot

support educational instruction (Winthrop et al. 2021). Parent education levels could take gen-

erations to change if society waits for future cohorts to become more educated. Yet if parents

can be effective conduits for instruction, despite being low literacy, improving parent involvement

need not wait generations. Our findings confirm this, showing that even low-resource parents can

be effective conduits for learning, revealing a high-potential, underutilized approach to promoting

human capital accumulation.

Third, we contribute to a literature on the role of women in education and the labor market.

Evidence suggests there could be a trade-off between involvement of parents in their child’s educa-

tion, especially mothers, and their ability to participate in the labor market (Goldin 2006). While

evidence exists on this topic in high-income countries, to date there have been limited data on the

trade-off between labor hours and educational involvement in low- and middle-income countries. A

recent review finds that many interventions rarely measure impacts of early childhood education

interventions on the mother themselves (Evans et al. 2021). We contribute to this literature by

directly measuring parent involvement in education for both mothers and fathers, as well as labor

market participation, such as time spent at work. Our results show that even as parents spend

greater time on their child’s education, there is minimal crowdout of labor supply.

II Context, Intervention, and Experimental Design

II.A Context

The Philippines has some of the world’s lowest learning levels. In 2018, the Philippines scored

last out of 78 countries on the Programme for International Student Assessment (PISA). A recent

study shows that less than two percent of students in primary school could do two-digit division,

falling well behind grade-level expectations (Angrist et al. 2023). Moreover, most children in the

Philippines have limited access to educational instruction. Around 78% of children aged 3-4 years

do not attend day care (PSA 2020). In our sample, at baseline just three percent of preschool-aged

children answered any phonics questions correctly.5 In addition, as shown in Table A.1, households

in the sample have low literacy levels, with only around 20% of mothers having more than a high

school level education.

II.B The Family Academy (FA) Intervention

FA promotes educational engagement between parents and children. International Care Ministries

(ICM), an NGO in the Philippines with over 20 years experience, implemented FA. Historically, ICM

5As shown in Appendix Table A.1, parents also have fairly low education levels, with just 15-20 percent of
guardians receiving more than a high school education. Households were relatively poor: over a third of house-
holds make less than 3,000 pesos a month (less than $2 a day). Appendix Table A.3 also shows that more educated
parents spend more time on learning with their children.
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offers a variety of services in health, livelihood, and education, through pastor-based outreach. ICM

offers FA as an addition to its core antipoverty program called Transform, which was implemented

in partnership with local Filipino pastors.6

Drawing from communities already participating in ICM’s Transform program, we first filter

on the communities for which across the Transform households (typically about 20-30) there are at

least four children between 3–5 years. Within these communities, we select households based on two

eligibility criteria. First, households must have at least one child between ages 3-5 years old. Second,

if they are below a defined poverty threshold (typically between $2 to $3 per day, substantially below

the national poverty line in the Philippines).7 ICM confirms the poverty level via a household visit

and a rubric that considers self-reported household income, household characteristics, and asset

ownership.

FA coaches consist of volunteers who are 31 years old on average, predominantly female, and

educated (81% have attained a high school degree or more). Prior to the program, coaches re-

ceive three days of training from ICM. Each coach works with four to ten households over a four

month period, and each community has two to three coaches. These coaches are supervised by

an ICM FA coordinator, who is responsible for 30 to 45 coaches and typically works across sev-

eral provinces. Communities identified for the Transform plus FA program started implementation

between September to November 2021.

ICM designed FA as a family coaching program to offer parents the knowledge and skills to

prepare children for kindergarten and primary school.8 The first week of engagement between the

FA coach, parent, and child consists of a pre-coaching assessment, after which there are eight weeks

of math and phonics sessions. In each session, the coach engaged the parent in a four-step process.

In the first half of each session, the coach taught a game or activity to the parent, often with the

child watching or in the general vicinity. In the second half, the parent would teach the game or

activity to the child. The coach would affirm the parent and child with positive feedback on the

session. Finally, parents were encouraged to offer positive feedback to the child during their session.

The educational games included math cards, a number chart, and posters of colors and shapes

for early mathematics and numeracy development, as well as cards and posters of the alphabet,

parts of the body, family members, and foods in the local language to support early literacy and

oral language development. The math cards were given to the household during the first session.

In most cases, the math and phonics sessions were implemented as two separate sessions each week,

so a household typically received 16 total visits (eight math and eight phonics) from the coach

over eight weeks. Each session was intended to take 45 minutes. Following the final session, a

post-coaching assessment was conducted.

6In the Transform program, the partner pastor was tasked with selecting and engaging households within their
community, as well as teaching a curriculum on values taught via a religious Protestant-based pedagogy, while the
ICM staff focused on health and livelihoods material (Bryan et al. 2021).

7Of note, Family Academy did not take place in non-Transform communities.
8The approach ICM uses for FA builds on the Arcanys Early Learning Foundation approach with adjustments

to facilitate cost-effectiveness and scalability. For example, ICM coaches are volunteers and the intervention is
briefer and lower cost.
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II.C Experimental Design

The study was conducted across six regions in the Philippines: Bacolod, General Santos, Iloilo,

Kalibo, Koronadal and Palawan shown in Figure A.1. 188 communities had at least four households

with a 3-5-year-old child (for a total of 1609 households). We randomized at the community level:

91 treatment communities (788 households) and 97 control communities (821 households).

The randomization was stratified by branch and base of operations of ICM, to ensure even

geographical distribution of treatment communities. Appendix Table A.1 confirms balance at

baseline across treatment and control groups on key characteristics, and in particular on baseline

learning scores.

III Data

We assess multiple outcomes, including math and phonics skills; parent-child interactions; parent

aspirations and beliefs; children’s approach to learning; and, parental time use and labor market

outcomes.

Baseline household surveys were administered in September 2021 with the primary guardian

during the child pre-coaching assessment, which was administered to both treatment and control

children. Immediately following the conclusion of the program in December 2021, the first follow-up

survey was administered in January and February of 2022. The guardian surveys and the child

assessments were designed to be completed at the same time to minimize guardians giving hints or

prompts to their children. An external surveyor completed measures that were based on observing

parent-child interactions as well as conducting the parent survey.9

Learning Assessment. Four sub-tasks were used to measure preschool children’s early literacy and

phonics skills. Eight subtasks were used to measure preschool children’s early math skills, adapted

from Dulay et al.’s (2019) work with the Arcanys Early Learning Foundation.

For phonics, we test alphabet knowledge by asking children to sing or recite the alphabet in

either English or Tagalog, the main local language. Children were also tested on their ability to

identify letters of the alphabet across 20 letters. A key measure of interest was the child’s ability

to identify beginning sounds of words. To identify this measure, the child was shown a picture of

an object, followed by the assessor speaking the word out loud and asking the child to identify the

beginning sound. Another sub-task required children to point to the letter that corresponds to a

given sound.

To assess math skills, participants were asked to visually identify as many colors as possible

among ten colors. For shape identification, children were asked to similarly identify eight different

9Appendix Table A.2 shows high response rates of over 60 percent on learning assessment at program comple-
tion. These response rates are similar to other educational studies with multiple rounds of follow up (Angrist et al.
2023). We see no statistically significant difference in response rates by treatment group, with p-values of 0.6 and
above, increasing confidence that surveys responses are unbiased across treatment groups. Appendix Figure A.2
shows responses across various types and rounds of surveys.
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shapes. To examine children’s understanding of counting and early skills in cardinality, participants

were asked to count to ten in either English or Tagalog. To measure children’s ability to object

count, participants were asked to count the number of animals on different cards. Ten such sub-

items were assessed in total. To assess the ability to identify numbers, children were presented

with a grid with numbers 1-10 in random order, which they were then asked to identify. To

understand the child’s ability to compare numbers, the child was presented with five sets of two

numbers to compare. In each of these sets, the child was asked to identify whether numbers were

the same, or which one was greater or lower in magnitude. To examine children’s understanding of

numerical sequencing and patterns, children were given cards with a missing number in a sequence

of consecutive numbers, which the children were then required to identify. The final measure

was designed to assess the child’s understanding of simple addition. The child was given a simple

addition problem on a card and asked by the enumerator to provide the answer. Ten such items were

assessed in total for this sub-task. Example test items are included the Supplementary Material.

Parent-Child Interaction Scale. To examine how parents interacted with children during the coach-

ing sessions, enumerators completed the Arnett Caregiver Interaction Scale (Arnett 1989; Colwell

et al. 2013) during the pre- and post-coaching sessions. This scale measures the quality of caregiver-

child interactions with toddlers and preschoolers. The scale includes 26 items that measure four

dimensions of caregiver interactions: sensitivity (e.g., “Listens attentively when children speak to

her”), harshness (“Threatens children in trying to control them”), detachment (“Doesn’t seem in-

terested in the children’s activities”), and permissiveness (“Doesn’t reprimand children when they

misbehave”). Coaches documented a score between 1-4, with 1 indicating “Not at all true” and 4

indicating “Very much true”.

We create two indices to capture parent-child interactions: positive parenting and parent en-

gagement. Table A.4 shows all indicators in the parent-child interaction survey modules. We

indicate which indicators are selected by a LASSO regularization regression and create aggregate

indices which we use in our main results table in Table 3.

Parent Survey. Multiple parental outcomes were assessed. This included eliciting parental beliefs

on their child’s learning level (e.g., do they know if their child can count or add). The survey also

included parent time use on educational activities, involvement in the child’s school, time spent on

learning with the child, and hours spent working.

Program Implementation. Implementation data is self-reported by FA coaches after each session and

transmitted via weekly reports to ICM. The data includes attendance, time spent in each session

and the percentage of the session led by parents vs. coaches. The weekly report also collects

data on time spent in debriefing, where feedback was given to the parent on observed parent-child

interaction during each session. In total, 45 minutes of instruction were expected per session.
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IV Empirical Strategy

We estimate average treatment effects of the Family Academy program for each individual i in

household h in community c as follows:

Yhic = α + βFAhic + λg + ϵhic

where FA is a dummy variable for whether a household was in a randomly chosen community

expected to receive the FA program, λg are strata fixed effects per geography (captured by branch

and base of ICM operations), and ϵhic is our error term. Standard errors are clustered at the

community level, the unit of randomization. Within each household, we report outcomes for a

primary caregiver (the survey respondent) and the target child (the child in the household within

the 3 – 5 year age range).

V Results

V.A Effect on learning outcomes

First, we report results on children’s learning outcomes covering two domains: phonics and mathe-

matics. Specifically, we report the percentage of questions answered correctly on average across each

domain overall, as well as the percentage of questions answered correctly for each of the domain’s

subtasks (e.g. letter identification, simple addition). Table 1 presents learning outcomes immedi-

ately after the program, as well as from the 1-year follow-up. Additionally, Table 1 summarizes the

results for each of the learning domains’ subtasks.

The FA program substantially improved children’s learning outcomes right after the program.

Children in the treatment group see a jump from 38.4 percent correct responses in the control group

to 52.3 percent correct in math and from 10.7 percent to 21.1 percent in phonics (Figure 1). These

results translate to 0.52 standard deviations (pvalue < 0.001) higher in math and 0.51 standard

deviations (p-value < 0.001) higher in phonics (Table 1). These results are large in a literature

were half of educational interventions don’t work at all (Angrist et al. 2020) and the average

intervention typically has a 0.1 standard deviation effect (Evans and Yuan 2022). These effects

are also large when directly comparing results with the preprimary education literature, where

average effects are around 0.22 standard deviations on literacy and math (Holla et al. 2021).10

We observe broad-based learning gains across all sub-tasks on the assessment, with learning gains

in addition, counting, shape identification, and more. We also observe learning gains across all

phonics sub-tasks.

10Notably, the preprimary interventions in the referenced review were typically full or half day programs, con-
ducted five days a week, for a year or longer. In comparison, Family Academy was designed to include two 45-
minute sessions a week, for just eight weeks.
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V.A.1 Learning over time

Figure 1 shows the effects on math and phonics domains over time, from baseline through to the

first follow-up conducted after the conclusion of the program and then a follow up conducted a year

later. Some effects persist even a year later. The impact on math scores a year later is equivalent to

0.15 SD (Table 1). While these effects are lower than effects right after the intervention – which we

find is a result of students in the control group partially catching up, not due to learning backsliding

– 0.15 SD remains a substantial effect size for an educational intervention relative to the literature,

achieved at relatively low cost, and we find high statistical significance (p-value=0.061). The impact

on phonics is 0.13 SD, but the p-value is 0.12. We further observe persistence in learning gains

across a few sub-tasks a year later, although not all. Few education studies include long-term

follow-ups and these data reinforce that learning gains can persist over time, even if tempered.

This is especially promising since early childhood education program effects could fade out if the

quality of the primary school education students progress into is low (Global Education Evidence

Advisory Panel 2020; Johnson and Jackson 2019).11

V.A.2 Heterogeneity in learning gains

We explore heterogeneity in relation to mothers’ education, household income level, and the child’s

gender (see Table 2). We find limited heterogeneity along baseline parent education and income.

A plausible reason might be that most households are low resource and low literacy to begin with,

such that all households have room to benefit. In addition, since the intervention was conducted at

the household in a small group setting and in a concentrated fashion, few children are left behind

as they might otherwise be in a large class setting. We find no heterogeneity by gender in the

short-run, but we do find that effects on phonics persist more for girls in the long-run with girls

experiencing larger and persistent learning gains (in line with some predictions in Dizon-Ross and

Jayachandran (2023)). In the status quo, girls do not perform worse than boys, thus indicating

that the differential persistence is likely not because girls start with lower levels of human capital.

An important contextual factor that could influence program effectiveness is children’s initial

schooling enrollment status in early childhood education opportunities. Heterogeneity analysis in

Table 2 and Figure A.3 explores results depending on whether students are enrolled in other ed-

ucational opportunities at baseline. The Philippines supports preprimary education by including

one year of kindergarten for 5-year-old children as part of the country’s compulsory education. Na-

tionwide, in the 2020-2021 School Year, 66% of 5-year-old children were enrolled in kindergarten.

In Figure A.3, we illustrate the average percent of questions answered correctly in the math and

phonics domains disaggregated by whether children were or were not enrolled in preprimary educa-

tion at baseline. We find similar effects overall, and results do not differ at conventional statistical

11Of note, we observe substantial learning progress in the control group over time. This does not seem to be
because of data concerns, such as new surveyors or survey methods (see Table A.6). This might be due to children
increasingly enrolling in schooling options in the control group (see Table A.5), or since households are enrolled in
the underlying Transform program.
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significance thresholds. This indicates that FA is effective both as a complement to center-based

education programs and when operating as a substitute intervention. In addition, we observe that

FA enables children not enrolled in any schooling at baseline to catch up to those who were enrolled

in some schooling, revealing the potential of concentrated interventions to close educational gaps.

V.B Mechanisms: direct instruction or broader parental investments

Direct and supervised educational instruction. It is often assumed that parents in low resource

settings are not able to directly support educational instruction since they are neither trained

teachers nor highly educated. However, children spend most of their time with their parents in the

early years, and parents could provide a high-potential, underutilized opportunity to enable human

capital accumulation. Thus, FA focused on enabling parents to directly support their children’s

learning at home. The program employed a “tell-show-do” approach where the coaches directly

engaged with children but were also trained to coach parents on how to conduct learning activities

themselves. Figure 2 plots the amount of instructional time completed per week and who led

the instruction: coaches or parents. Notably, around 70 percent of planned time was used for

instruction, with little variation across weeks. Also very consistently, the coaches report equal

instruction time between themselves and parents, with half of the instruction time led by parents.

These findings are promising, in that parents are reported to be actively and consistently engaged

in the learning sessions, although parents do not appear to become increasingly involved in leading

more of the program over time.

Broader Parental Investments. Multiple parental investments could foster student learning. These

mechanisms range from parent involvement in children’s school to greater involvement in education

in general to parent’s beliefs about their students learning level. We collect rich data on parental

beliefs and investments to understand parent mechanisms. In terms of parent-child interactions

and parent time use, we find minimal differences between treatment and control parents’ behaviors

or interactions as shown in Table 3.12 We see only minor improvements in positive parenting

behavior, and no additional involvement in educational activities with the child beyond the session

itself. While we see an increase in engagement in recreational activity, we find no evidence of

additional engagement in the child’s schooling.

In terms of parent beliefs, a growing literature finds that parents often overestimate their child’s

learning level, which can lead to underinvestment in education (Angrist et al. 2022; Bergman 2021).

Correcting parents’ beliefs either through information or direct interaction in their child’s education

has been found to foster additional educational investment and promote learning. We find 63

percent of parents overestimate their child’s learning in the status quo. We find parents update

their beliefs shown in Table 3 in line with directional shifts in actual learning, although these effects

are not as large as the actual treatment effects (0.52 and 0.51 sd treatment effect on learning for

math and phonics, versus an increase in parental beliefs by only 0.18 and 0.19, respectively). These

12Table A.4 includes effects across each indicator in addition to the summary indices reported in Table 3.
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results reveal that the intervention led parents to overestimate their child’s ability less with their

beliefs converging to their children’s actual math and phonics skills.

Altogether, we find only minimal evidence that broader parental beliefs and investments change.

Rather, the most plausible explanation for learning gains appears to be a result of additional direct

educational instruction by parents and coaches through FA’s structured learning sessions.

V.C Parent outcomes and potential crowdout

There could be concerns that if parents spend additional time on their child’s education this might

crowd out other activities such as caring for other children, and time spent working. Table 3

shows results on parent outcomes. We find that FA does not take away time from other activities,

potentially since it displaces unused or less productive time. Moreover, we do not find that parents

reduced the time they spend working as a result of their participation in Family Academy. This

holds both for mothers as well as fathers. This might be in part since the intervention was designed

to be brief to minimize crowdout, and only consisted of eight weeks of two 45-minute sessions. This

reveals the potential to leverage programs designed to be deliberately efficient to engage parents

further in educational instruction, without requiring parents, in particular mothers, to shortchange

their labour hours.

VI Conclusion

We learn that a program that provides simple instructional material and training to parents to

work with their children on math and phonics can foster human capital accumulation for children

cost-effectively. Most early childhood programs are relatively expensive. The FA program is cheap

in comparison. The marginal direct cost of the program was USD$32. In the long-run, the costs of

implementing FA may decrease since some of the fixed cost of identifying and training mentors can

be lowered as the process is repeated in subsequent years for additional households. The long-term

marginal cost is estimated to be about USD$22 per child, holding all else equal.13

Our cost and effectiveness estimates are interpreted in a context where the program was not

implemented as a stand-alone program, but rather as an add-on to another program (the cost of

the full Transform and FA program is about USD$110 per household), which might be one reason

it is particularly cost-effective. This add-on feature has two implications for the cost-effectiveness

analysis: First, the underlying Transform program may have built trust that led to higher partici-

pation rates by parents than would have been observed without the Transform program. Second,

the Transform program also lowered the cost of identifying mentors both logistically but also via a

trust mechanism, i.e., making prospective mentors more likely to engage. If Family Academy were

to be setup as a brand new program without building on other programming the costs would likely

be higher. An additional reason the program is cost-effective is that it does not require substantial

infrastructure investment. Many early childhood programs involve building centers or some type of

13If we consider opportunity costs of time for parents, we estimate an additional $6 per child.
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infrastructure as well as procuring multifaceted program materials. By using cheap materials and

focusing largely on pedagogy and child-parent interactions, the program keeps costs down. Effects

after the intervention translate into the equivalent of up to 2 years of high-quality instruction per

$100. In comparison with over 200 interventions, these estimates rank in the 80th percentile in

terms of cost-effectiveness (Angrist et al. 2020).

This evaluation took place in the Philippines, where learning levels are low and poverty rates

are high, revealing that parents even in low-resource settings can play a crucial role in their child’s

human capital accumulation. While broader parental investments change only marginally, direct

and supervised parental instruction increases substantially. Our results show that with targeted

interventions parents can be effective conduits of educational instruction.

We suggest several paths for future research. First, and broadest: how to close remaining

learning gaps. Even though treatment group children successfully identified 60% more letters than

control group children, treatment group children were still only able to identify five of the 20 letters

presented to them. The remaining gap could be a by-product of the low learning levels at onset, and

also the relatively light duration of this program. Second, examining longer-run schooling results

is key, both to examine longer-run impacts but also to examine impacts on outcomes outside

the immediate context of the program, such as downstream school performance and attendance.

Third, further examining whether these investments are complements or substitutes for preschool

and primary school instruction. Fourth, disentangling the effect of the parent versus the effect of

the coach would be fruitful not just for optimizing future program design but also for providing

insight into how to foster stronger, healthier parent-child relations. In summary, testing further

program variations (e.g., dosage, duration, alternative pedagogical approaches with parents, and

parental versus coach engagement) and securing more data (e.g., later schooling data) are promising

areas of further research going forward.
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