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What Do We Know So Far about Multigenerational Mobility? 
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 See, for example, the passage on intergenerational mobility in the undergraduate labor economics textbook by 

Borjas (2013, section 7.6). 
2
 Even earlier occupational mobility studies with data on three generations include Mukherjee (1954) and 

Svalastoga (1959). 
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3
 A recent three-generation study by economists that does analyze occupational categories is Long and Ferrie’s 

(2012) study of the United States and Great Britain during the 1850-1910 period. 
4
 More recently, Jaeger (2012) reported some similar results from the Wisconsin Longitudinal Study. 
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5
 In ongoing dissertation research at Michigan State University, Kelly Vosters is using the Panel Study of Income 

Dynamics to estimate three-generation U.S. regressions for log income and earnings.  Her preliminary results are 

qualitatively similar to those of Lindahl et al.  In addition, Vosters is developing an instrumental variables approach 

for testing an errors-in-variables interpretation of these results, which will be described below in section II. 
6
 Zeng and Xie estimated non-linear regressions specified to account for right-censorship of the offspring’s 

measured education. 
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7
 The model in my 2014 article is a simplification of the model in Solon (2004), which considered the 

intergenerational mobility implications of public investment in children’s human capital by including such 

government investment and taxation in the model.  In the present paper, including a government role would 

clutter the model without affecting the model’s implications for the structure of multigenerational mobility. 
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8
 Solon (2014, p. 16) also noted a parallel potential role for genetic inheritance: “genetic transmission is really 

more complicated than the simple first-order autoregression….  Recognizing the reasons that manifestations of 

family genetic traits can ‘skip a generation’ is another way of opening up the possibility of a positive coefficient for 

grandparents’ status.”  That paper also discussed the possible role of direct grandparental investment in children’s 

human capital. 
9
 This extension was introduced in section VI of Becker and Tomes (1979) and later explored in Borjas (1992). 
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 Lindahl et al. credited the idea to Hoyt Bleakley and an anonymous referee. 
11

 In particular, if grandparental status enters the AR(2) multigenerational regression with a positive coefficient, 

then using grandparental status as the instrument in IV estimation of the regression of offspring status on parental 

status is upward-inconsistent for the slope coefficient in the population linear projection of offspring status on 

parental status.  This follows directly from the analysis of IV estimation in the appendix of Solon (1992).  

Incidentally, it is of some interest that this IV estimator is the ratio between the estimated coefficients in the 

regressions of offspring status and parental status on grandparental status.  With stationarity, it also would be the 

ratio of correlations.  This is of some interest because empirical multigenerational studies sometimes focus on 

exactly those ratios, apparently without noticing the connection to IV estimates.  
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 That a large gap in autocorrelations between the a and b terms can be realistic is vividly illustrated by results 

reported by Hertz (2008).  Using PSID data, he estimated an intergenerational elasticity of 0.32 within his sample of 

African-Americans, an elasticity of 0.39 within his sample of whites, but a between-group elasticity of 1.18.  He also 

presented the algebra to explain how his 0.53 estimate from the sample pooling the two races was a weighted 

average of the two within-group estimates and the between-group estimate.  
13

 Another perspective on this example is that group-average estimation of the intergenerational regression is 

equivalent to IV estimation of the micro-level regression of offspring’s status on parental status with group 

dummies as the instruments (Solon 1999, footnote 15).  But, as already discussed in footnote 11, such an IV 

approach is inconsistent for the micro-level regression unless the instruments are “excludable,” which they are not 

in this instance if group effects are operative. 
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