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Abstract

The United States criminal justice system is characterized by substantial disparities in out-
comes across racial and ethnic groups. Understanding these disparities requires accurate mea-
sures of race and ethnicity of people involved in the justice system. We document how race and
ethnicity are recorded by administrative agents and how operational concerns limit corrections
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this paper uses novel linkages between person-level microdata from the Criminal Justice Ad-
ministrative Records System (CJARS) and race and ethnicity composites from U.S. Census Bu-
reau census and administrative records, mostly composed of self-reported or family-reported
race/ethnicity, to quantify mismeasurement of race and ethnicity in the justice system. We find
that 17 percent of misdemeanor and felony defendants and 10 percent of prison inmates have
an agency-recorded label that does not concord with the composite measure, largely driven by
justice agencies poorly measuring people identified in Census Bureau data as Hispanic, Asian,
Pacific Islander, or American Indian and Alaska Native (AIAN). Using estimated correspon-
dences between agency-recorded and the composite race and ethnicity, we reweight federal
series on imprisonment rates and show that those series, which currently rely on small survey
samples to impute racial and ethnic population shares, have substantially underestimated the
incarceration rates of Whites, Blacks, and AIANs.
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1 Introduction

Investigating the causes and consequences of racial and ethnic disparities has been one of the most

important lines of criminal justice research over the last half century. For example, Blacks in the

United States are 5 times more likely to be incarcerated compared to Whites, while Hispanics are

3 times as likely to be incarcerated as Whites (American Civil Liberties Union and The Sentencing

Project 2022). Beyond incarceration, both qualitative and quantitative research shows evidence

of racial disparities in stop-and-frisks (Goel, Rao, and Shroff 2016), charging decisions (Tuttle

2019), and sentencing outcomes (Alesina and La Ferrara 2014). Identifying these types of patterns

is critically important given the well-documented broader impacts of justice involvement on indi-

viduals’ lives (Pager 2003; Mueller-Smith and Schnepel 2021; Decker et al. 2014) and their family

members (Rose and Clear 1998; Finlay, Mueller-Smith, and Street 2023).

A fundamental requirement for studying racial and ethnic disparities in criminal justice out-

comes is high-quality measurement of race and ethnicity. As research increasingly relies on crim-

inal justice administrative data or derivative series produced by statistical agencies, researchers

must generally rely on the quality of race and ethnicity data originally collected for operational

purposes, such as the physical identification of suspects. In contrast to databases for public pro-

grams such as Medicaid or household surveys, where race and ethnicity may be self-reported or

reported by family members, racial and ethnic information in the justice system is often deter-

mined by justice agency personnel—reflecting their perceptions of another’s race and ethnicity.

Thus, researchers and policymakers are dependent on the ability of officers to accurately and reli-

ably identify race, which may be problematic if officers perceive race and ethnicity differently than

does the subject. Even more troubling are cases where some police agencies have been accused of

deliberately misreporting racial and ethnic information with the goal of subverting efforts to curtail

racial profiling and discrimination (Webster 2021; Collister 2016; Luh 2022).

Some researchers turn to another data source: group quarters (GQ) responses in decennial cen-

suses or the American Community Survey (e.g., Neal and Rick 2014; Bayer and Charles 2018).
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These data track people who reside in group living arrangements like dorms, healthcare facili-

ties, jails, or prisons. The Census Bureau increasingly relies on adult correctional facilities to

electronically report facility-wide data on behalf of their residents (Belton and Durante 2021;

National Academies of Sciences and Medicine 2023). These data are ultimately sourced from

agency records systems, which allows flawed data that originated in the justice system to propa-

gate through to survey data. The American Community Survey faces the additional challenge of

a two-stage sampling procedure wherein correctional facilities are first sampled and then a subset

of respondents are selected within those facilities. In order to cover non-sampled facilities, full

responses are imputed, drawing from the bank of observed GQ responses with weights assigned to

reproduce the expected population based on the last previously observed enumeration (U.S. Census

Bureau 2022). Consequently, misreports present in justice administrative data may both directly

and indirectly impact Census Bureau survey efforts to measure the incarcerated population.

As we document below, race and ethnicity data collection in the justice system is inconsistent

with best practices, such as those defined at the federal level. The Office of Management and

Budget (1997) revision to Statistical Policy Directive No. 15 states that “self-identification is the

preferred means of obtaining information about an individual’s race and ethnicity,” although other

means of collection are permitted when deemed more practical. An example of a permissible

deviation from self-identification given in the guidelines is a coroner recording information about

an autopsy where the individual in question can no longer self-report since they are deceased.

In this paper, we leverage a novel linkage between agency-recorded race and ethnicity from the

Criminal Justice Administrative Records System (CJARS) and race and ethnicity composites from

Census Bureau census and administrative records to quantify the accuracy of race and ethnicity

information recorded in the criminal justice system.1 A major advantage of integrating these data

systems is that we can link an individual’s agency-reported race and ethnicity to their race and eth-

nicity from census or administrative data that are primarily based on a self-report or family report,

utilize paradata to exclude observations that might reflect agency perceptions (e.g. group quarters),

1CJARS is a longitudinal, harmonized data system of criminal justice events and a partnership between the Uni-
versity of Michigan and the Census Bureau (Finlay and Mueller-Smith 2022).
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and these data are available to researchers through the Federal Statistical Research Data Centers

(FSRDCs).2 The longitudinal structure of the CJARS data also enables us to follow individuals

through the justice system (e.g., from adjudication to incarceration). Thus, we can measure the

amount of racial or ethnic mismeasurement in the criminal justice system and identify the stages

of the justice system where misreporting is more likely to occur. Using these linked data, we ex-

plore several related questions around the accuracy of race and ethnicity information in the criminal

justice system and the implications for extant federal statistical series.

First, we document overall levels of concordance in racial and ethnic information, distinguish-

ing between court records and state prison records. Court records typically rely on police incident

reports to populate race/ethnicity fields, and these data are often not used for operational purposes.

Prison systems are more likely to have intake processes that provide the inmate the opportunity

to self-identify and may use that information for security and housing decisions (e.g., to prevent

gang violence). Consistent with these features, we observe lower concordance rates in court data

compared to prison data. Between 2000 and 2019, we find that 83 percent of felony and mis-

demeanor defendants and 90 percent of prison inmates have agency-recorded labels that concord

with their Census Bureau race and ethnicity composites. While White and Black justice-involved

individuals are typically accurately recorded by agencies as such, the justice system often strug-

gles to accurately classify American Indians and Alaska Natives, Asians, Pacific Islanders, and

Hispanics.3

Second, we consider how race and ethnicity data quality has evolved over time and how it

varies across the United States. We find that there have been only modest changes in the accuracy

of this information over the last two decades. There is substantial variation by geography, however.

While all jurisdictions are likely to accurately label White and Black justice-involved individuals,

2See Charles and Guryan (2011) for an excellent discussion of the important theoretical implications of self-
identified versus perceived race and ethnicity, the potential mutability of racial identity, as well as a review of the
relevant empirical literature grappling with the taxonomical challenge of how to measure race. Snipp (2003) reviews
the history of racial data collected the federal government, such as the changes in racial categories, and its impact on
social science research.

3Similar observations for the American Indian and Alaska Native population have also been made regarding health
and mortality data (Small-Rodriguez and Akee 2021; Mays et al. 2022).
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locations with higher shares of residents who are Hispanic or American Indian and Alaska Native

generally tend to more accurately identify those populations.

Finally, we apply our findings to re-estimate the imprisonment rate of racial and ethnic groups

in the United States since 2000. We use data from the Bureau of Justice Statistics (BJS) Na-

tional Prisoner Statistics (NPS) program together with estimated annual correspondences between

agency-recorded race/ethnicity and Census Bureau race/ethnicity composites for the population of

prisoners observed in CJARS to produce new aggregate counts and per capita rates that should bet-

ter reflect how inmates self-identify. We find that current reporting by BJS may underestimate the

size of the White and Black inmate populations in 2018 by 20 percent and 17 percent, respectively.

For American Indians and Alaska Natives, the incarceration rate since 2010 may have been un-

derestimated by 46 percent. These findings suggest that improved data linkage infrastructure can

provide agencies like BJS with new opportunities to improve the accuracy of race and ethnicity

measurement of prisoner populations.

The remainder of this paper is organized as follows. Section 2 provides background on the

standards for, practices of, and sources of misreporting in race and ethnicity measurement. Sec-

tion 3 presents our findings on the discordance between race and ethnicity recorded by criminal

justice agencies relative to census and administrative data, including comparisons across stages of

the justice system, across geography, and over time. Section 4 applies these insights to federal

statistical series published by BJS to quantify how misreporting impacts the measurement of racial

and ethnic disparities in the justice system. Section 5 concludes.

2 Standards, practices, and challenges of collecting race and ethnicity data

2.1 Federal guidelines and state practices

In 1997, the Office of Management and Budget (OMB) revised Statistical Policy Directive No. 15

(SPD15) to require that federal agencies, including the Census Bureau and the Bureau of Justice

Statistics, use the following minimum categories for race: American Indian and Alaska Native
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(AIAN), Asian, Black or African American, Native Hawaiian or Other Pacific Islander, and White

(Office of Management and Budget 1997). The same standard requires a separate identification

for ethnicity, using the following minimum categories: “Hispanic or Latino” and “Not Hispanic

or Latino”. The OMB regulation also states that self-identification is the preferred method for

measuring an individual’s race and ethnicity, except where identification by an observer is more

practical. The Bureau of Justice Statistics often reports a category that combines the Asian and

Native Hawaiian or Other Pacific Islander categories (e.g., Harrell 2009). In 2024, the Office of

Management and Budget revised SPD15 again, calling for the collection of race and ethnicity in

a single question that allows multiple responses, and for the addition of Middle Eastern or North

African (MENA) as a new minimum category. Our research was conducted before these revisions.

Justice records management systems generally do not allow for multiple races or ethnicities to be

selected, but we have found records systems that could support a new MENA category.

State and local criminal justice agencies are not obligated to collect race and ethnicity data

according to OMB guidelines. Their categories may differ and change over time. Table 1 identifies

the different race categories reported by each state’s department of corrections (DOC) covered by

the CJARS data set. Of the state agencies listed, only the Michigan DOC reports race and ethnicity

separately. Furthermore, there is significant heterogeneity in what race or ethnicity categories are

recorded. While each state’s DOC consistently reports for the White, Black, and Asian categories,

Hispanic categories are not reported in 6 out of the 23 states included and AIAN categories are

not reported in 5 out of the 23 states. Ten states also include an Other race/ethnicity category or

race/ethnicity categories that are not included in the 1997 OMB minimum categories (e.g., Middle

Eastern), while the rest do not allow for an additional Other race.

Different collection practices across states causes heterogeneity in race/ethnicity data quality

across criminal justice agencies. Although the CJARS project requests race and ethnicity variables

from all agencies, DOCs in Minnesota, Missouri, Montana, Ohio, and Vermont only report race

and not ethnicity.4 These states do not report any incarceration of Hispanics, which could lead

4We determined if a state collected ethnicity data based on whether we observed any records of Hispanic or Latino
ethnicity in the raw data in the CJARS system.
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to underreporting of Hispanic individuals in the justice system within those states. Since federal

statistics of incarceration, such as those published by the Bureau of Justice Statistics, depend on

data provided by states, non-identification of Hispanics in one state can cause underestimates of

incarcerated Hispanics nationally (Carson 2021). Thus, low estimates of the incarceration of His-

panics could be driven by poor ethnicity measurement, rather than actually low incarceration rates

of Hispanic individuals.

These findings are consistent with a report from the National Conference of State Legislatures

that found that out of 13 states that reallocated prisoner residences during the 2020 redistricting cy-

cle, only one state’s department of corrections recorded race and ethnicity in a way consistent with

federal guidelines (Williams 2023). The report recommended that states considering reallocation

adopt policies to require the federal standards, but recognized the substantial costs in recanvassing

their prisoner populations.

2.2 Mismeasurement of race and ethnicity in criminal justice data

Our perceptions of someone else’s race or ethnicity may differ from how that person self identifies

for a number of reasons. Characteristics such as names (Gaddis 2017; Fryer and Levitt 2004;

Luh 2022; Bertrand and Mullainathan 2004), clothing (Freeman et al. 2011), occupation (Freeman

et al. 2011), skin tone (Monk 2021; Gyimah-Brempong and Price 2006; Naik and Farrukh 2022;

Noe-Bustamante et al. 2021; Davenport 2020; Dixon and Telles 2017), and other physical features

(Blair et al. 2002) can impact the perception of an individual’s race or ethnicity. These physical

or socioeconomic characteristics are also associated with worse criminal justice outcomes like

conviction and arrest rates (Gyimah-Brempong and Price 2006; Finkeldey and Demuth 2021; King

and Johnson 2016). Furthermore, the characteristics of the recorder can also impact their ability to

identify an individual’s race (Harris 2002). For example, Luh (2022) finds that non-White troopers

are better at recording motorist race in highway searches compared to their White peers.

In addition, work by Eberhardt et al. (2004) and Bordalo et al. (2016) shows that people asso-

ciate Black racial identity when primed with words associated with crime. For law enforcement
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officers, this may lead to over-labeling of racial minorities. While not necessarily a cause of inac-

curate data, it is interesting to note that Eberhardt et al. (2004) finds that causality flows in both

directions, showing that seeing Black faces also primes people to detect crime related images.

These conclusions are consistent with work demonstrating statistical discrimination among em-

ployers against minorities in response to the adoption of ban-the-box policies. Agan and Starr

(2018) and Doleac and Hansen (2020) find that withholding criminal records from job applications

increases the Black-White gap in employment, suggesting that employers infer criminal history

using race in the absence of criminal records in employment applications.

It is important to acknowledge that racial and ethnic identity need not remain static. While

empirical research frequently assumes that racial identity is a fixed, mutually exclusive character-

istic (Holland 2003), there is research to the contrary which shows that self-identification of racial

and ethnic identity may change over an individual’s lifetime (Saperstein and Penner 2012; Liebler

et al. 2017; Harris and Sim 2002; Doyle and Kao 2007).5 Seminal work by Saperstein and Pen-

ner (2012) using the National Longitudinal Survey of Youth (NLSY) showed that an individual’s

racial identity evolves over time. This research highlights that racial identity may not be solely

based on one’s parents’ identities, but can be influenced by other social and environmental expe-

riences. Other research has shown that self-identified race can also change across contexts and

in response to events (Mason 2017; Telles and Paschel 2014). These findings are consistent with

labeling theory, which would suggest that individuals may change their self-perceptions based on

criminal justice system involvement, altering their self-identify to match beliefs about characteris-

tics that are associated with criminality (Besemer, Farrington, and Bijleveld 2017). These factors

may contribute to our estimates of racial and ethnic discordance and the rate of disagreement be-

tween race/ethnicity measures across censuses that we describe below, but not necessarily bias

statistical reporting or research on disparities.

5See Darity, Mason, and Stewart (2006), Roberts (2012), Nelson (2016), Rose (2023), and Morning (2007) for
additional discussion of the definition and construction of race in society. Rose (2023) provides excellent discussion of
the implications of a constructivist perspective of race and ethnicity for economic theory and discrimination research.
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2.3 The life cycle of race and ethnicity data in the justice system

To understand how race and ethnicity are recorded in the criminal justice system, how that infor-

mation persists, and what opportunities there are to update it, we conducted qualitative research

by interviewing 7 personnel with knowledge of records management who have worked in multiple

jurisdictions and across different stages of the justice system. To supplement these interviews, we

also reviewed 5 publicly available procedural guidelines that document official policies and prac-

tices within state and local criminal justice agencies.6 A summary of these sources, which cover

procedures in 8 states, is available in Table 2.

Several common themes emerged from this investigation. First, information frictions arise due

to the decentralization of information between agencies. Records tend to pass in one direction

only, which allows potentially flawed data to propagate through multiple agencies. Second, the

reliability of race and ethnicity data varies tremendously, and depends on whether agencies view

this information as operationally relevant to their missions. Third, correcting misreported race and

ethnicity is seen as legally or bureaucratically costly, which discourages updates. Together, these

factors create an environment where flawed information may persist, which ultimately impacts the

statistical reporting that relies on these data.

Figure 1 documents the typical flow of information and interactions in the pre-trial and ad-

judication phases of the criminal justice system, indicating where race and ethnicity data might

be electronically recorded and where direct observation could feasibly identify misreports in the

record. Based on our interviews, the police incident report (PIR) appears to be the critical point of

data collection for race and ethnicity data. Typically, the information contained in the PIR reflects

what the arresting officer recorded about the suspect in the field shortly after arrest, and is supple-

mented with victim statements and fingerprints. The PIR is then transmitted to jails, prosecutors,

and courts, and tends to receive significant deference as the official record of a criminal incident

6While our conclusions in this section are drawn from a convenience sample and may not be nationally represen-
tative, the sources touched on a breadth of processes that impact race and ethnicity measurement. We could not find
a systematic review of procedures to validate the findings. But see, for example, Rodriguez and Tublitz (2023) for an
agency survey that measures whether Hispanic ethnicity is coded separately from race in data management systems.
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and arrest.

Several sources emphasized that, even though a PIR regularly contains racial and ethnic de-

scriptions of a suspect, officers within the court system do not view race and ethnicity information

as operationally relevant to their jobs since using that information during court proceedings could

be illegal and a violation of civil rights law. Since it is considered improper to use this informa-

tion, these fields are not monitored for data quality issues. Consequently, race and ethnicity in

court records are viewed with some degree of doubt by those involved in records management. In

contrast, measurement of a suspect’s sex in court records is considered to be higher quality.

If misreports are identified, staff do not have an incentive to correct the record, especially for

fields viewed as secondary to operational needs. For example, fixing flawed race and ethnicity

information typically requires filing formal paperwork and dealing with a records management

bureaucracy, work that generally would fall on top of existing job responsibilities. In addition,

prosecutors and investigating officers may be hesitant to contradict information contained in the

original PIR as those filings could be used by defense counsel to undermine the prosecution’s case,

perhaps by suggesting that law enforcement officers may have misidentified the suspect.

If a felony defendant is convicted and sentenced to incarceration in prison, all states require

an intake process to assess security risk and make housing assignments. This intake process will

generally leverage some combination of the inmate’s criminal history, the court documentation

associated with their conviction, and a risk assessment form completed after a case manager inter-

views the inmate. Some court documentation may propagate into correctional records systems and

thereby continue the use of any misreporting in the PIR. For example, most states that we engaged

with use the Ohio Risk Assessment System (Latessa et al. 2009), which does not explicitly ask

inmates about their race and ethnicity. But information on known or suspected gang affiliation,

which often depends on a specific racial or ethnic identity, is taken into account by the case man-

ager and added to the prisoner’s record (York 2021). Because of the security risk associated with

gang conflict, greater effort is made to accurately record and verify racial and ethnic information

about inmates, since this is operationally relevant to improve safety within facilities. And because
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departments of corrections typically maintain their own independent data management systems,

updating flawed information is significantly less burdensome on staff and does not require formal

court filings.

Based on our interviews, it appears that the information recorded at the time of arrest carries

significant weight in the official record. Few incentives exist to correct the official record within

the adjudication phase, and this potentially flawed information may get passed onto corrections

data systems. Due to the operational need and opportunity to update data management systems

through the intake process at the start of an incarceration spell, race and ethnicity data within the

prison context likely is of higher quality than within the arrest and adjudication phases.

3 Differences between administrative and self-reported measures of race

and ethnicity among the justice-involved population

3.1 Data and methods

We identify people who have been involved in the justice system using data from the Criminal

Justice Administrative Records System (CJARS), a repository of criminal history information cov-

ering all stages of the criminal justice system, including both adjudication events and incarceration

spells (Finlay, Mueller-Smith, and Papp 2022).7 CJARS is constructed from criminal history data

collected from state and local agencies, then harmonized into a unified national repository. In ad-

dition to harmonizing criminal justice event data, CJARS also collects agency-recorded race and

ethnicity (Finlay and Mueller-Smith 2022). We use these administrative records to assign the most

common agency-recorded race and ethnicity measures to justice-involved individuals. Importantly,

we allow agency-recorded measures of race and ethnicity to vary across the stages of the justice

system (e.g., adjudication, incarceration) to capture dynamics in the accuracy and persistence of

information as individuals are processed through the justice system.

From the universe of available CJARS data, we focus on two common events in the criminal
7States for which CJARS has longitudinal, statewide coverage in at least one criminal justice domain constitute 66

percent of the U.S. population.
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justice system—adjudication and incarceration events. For adjudication, we focus on defendants

who were charged with misdemeanor or felony offenses in a given calendar year. Court events

in the CJARS data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon,

Pennsylvania, Texas, Virginia, Wisconsin. For incarceration, we consider three measures of the in-

carcerated population: entry cohorts, exit cohorts, and the population of incarcerated individuals.

We define an entry cohort as the population of individuals who began an incarceration spell in a

given calendar year, exit cohorts as the population of individuals whose incarceration spell ends in

a given calendar year, and the population as the incarcerated population as of year-end. Incarcer-

ation events in the CJARS data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan,

Minnesota, Montana, Nebraska, New York, North Carolina, Oklahoma, Pennsylvania, Texas.

To construct a Census Bureau composite race/ethnicity, we use data from the 2000 and 2010

Censuses and from the Census Numident. In the 2000 and 2010 Census data, we exclude any race

or ethnicity responses that were imputed or edited, and any responses from group quarters such as

prisons or jails, since those may have been based on race or ethnicity measures recorded by justice

personnel. The remaining race and ethnicity responses will primarily reflect self or family reports.

The Census Numident is based on the Social Security Administration (SSA) Numident and serves

as the backbone of record linkage at the Census Bureau. Race and ethnicity data in the Census

Numident will also primarily reflect self or family reports.8

We link CJARS records at the person level with records from the 2000 and 2010 Censuses

and the Census Numident using Protected Identification Keys (PIK), which are anonymous person

identifiers assigned by the Census Bureau using the Person Identification Validation System (PVS;

Wagner and Lane 2014). CJARS records without PIKs and CJARS records that could not be linked

to at least one Census Bureau race/ethnicity measure were excluded from the analysis.9

8 The Census Numident contains SSA-collected race and ethnicity data (Scott 1999). Prior to 1980, White, Negro,
and Other were the only options. In 1980, SSA began allowing White, Black, Hispanic, Asian or Pacific Islander,
and American Indian and Alaska Native as options in a combined race/ethnicity field. Beginning in 1989, SSA began
receiving SS-5 applications for Social Security numbers directly from hospitals at birth, but these filings often exclude
race/ethnicity because it can be considered protected health data. For people born after 1989, most of these records
would received race/ethnicity data when the SSA records was updated later in life.

9The reference files used for PVS only include people with Social Security numbers and Individual Tax Identifi-
cation Numbers. Many undocumented immigrants, who are disproportionately Hispanic, are therefore not able to be
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Using data from these three sources, we can construct a composite race/ethnicity that gets closer

to an individual’s own perception of their race and ethnicity, while covering as much of the justice-

involved population as possible. Although the Census Numident data is administrative, like the

census data, it will have mostly been submitted by an individual or a member of an individual’s

family or household. The Census Bureau composite will be much closer to the best practice in

race/ethnicity measurement than those from justice sources. Future research could explore more

of the survey and administrative sources of race and ethnicity available at the Census Bureau to

understand how they vary for the justice-involved population.

Because of the limitations in how race and ethnicity are recorded in justice records management

systems, we use the following combined race/ethnicity categories to assess the accuracy of justice-

assigned labels: Hispanic, any race; White, non-Hispanic (NH); Black, NH; Asian/Pacific Islander,

NH; American Indian and Alaska Native (AIAN), NH; and Some Other Race or Two or More

Races/Multiracial, NH.10 These categories, shown in detail in Table 3, were chosen because they

are mutually exclusive and align with the BJS statistics we study below.

For each justice-involved person in the CJARS data, the Census Bureau race and ethnicity

sources are recoded into a single race/ethnicity. If there is a modal race/ethnicity across the

three sources, that category is chosen. If there is not a single modal race/ethnicity, we use a

race/ethnicity ordering that prioritizes Hispanic ethnicity then less populous racial groups to re-

solve disagreements across the three sources. Hispanic ethnicity is selected first; then American

Indian and Alaska Native, NH; then Some Other Race and Two or More Races/Multiracial, NH;

then Asian/Pacific Islander, NH; then Black, NH; then White, NH. This algorithm is analogous to

those used in Ennis et al. (2018) and Limburg, Kurczewski, and Udalova (2023).

Table 4 documents how the resulting Census Bureau race and ethnicity composites agree with

the component data sources. Most composite values are constructed from at least one census

response. For felony and misdemeanor defendants, 79 to 89 percent have one or more Decennial

linked and this could cause an undercount of the true share of the Hispanic population.
10Unless otherwise noted, we use Hispanic, White, Black, Asian/PI, AIAN, and Other interchangeably with these

labels.
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responses. Prison inmates have somewhat lower linkage rates (58 to 79 percent), which is expected

since we exclude group quarters responses. When we observe at least one census response, there

is substantial concordance between the census responses and the composite race/ethnicity. At

least one of the census responses aligns with the composite in 77 to 100 percent of records. In

the minority of cases where we do not have a link to a census response, we rely on the Census

Numident. While we cannot validate the information in cases where we only have links to the

Numident, among records with links to at least one census response and the Numident, we see

very high rates of agreement for Whites and Blacks (>98 percent), with lower rates for Hispanics,

Asian/PIs, and AIANs (60–83 percent).11

With a large set of agency-recorded race/ethnicity measures matched to high-quality race/ethnicity

composites from Census Bureau data, we construct criminal justice event-by-year empirical cor-

respondence functions that map agency-recorded to Census Bureau composite race and ethnicity

over the period 2000–2019, with events defined as above (e.g., individuals with felony charges,

incarcerated population). We average the correspondence tables into a single matrix by event type

by taking the unweighted average across all years.

3.2 Concordance of agency-recorded race/ethnicity versus Census Bureau race/ethnicity

composites

We consider two perspectives when trying to evaluate the quality of race and ethnicity information

in criminal justice administrative records. First, we measure the percent of agency-recorded labels

that are consistent with the Census Bureau race/ethnicity composites. Second, we identify the

percent of Census Bureau race/ethnicity composites that concord with the racial/ethnic categories

assigned by criminal justice agencies. These statistics respectively correspond to the concepts of

precision and recall typically used to evaluate the performance of classifiers. While closely related,

the two approaches are differentiated by who appears in the denominators—subgroups defined

11Numident agreement rates for the Other race category are low because this was a default category for older
Numident records where White and Black where the only options and then was removed as an option for newer
records (Scott 1999).
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by Census Bureau or agency-recorded race and ethnicity. For example, precision and recall in

assessing the identification of Whites would be defined as:

precision =
White in Census Bureau composite and agency data

White in agency data
, and

recall =
White in Census Bureau composite and agency data

White in Census Bureau composite
.

Figure 2 presents our findings. Panel A shows that the majority of agency-recorded labels are

consistent with the Census Bureau composites, meaning they generally have high precision. For

example, 80–87 percent of justice-involved individuals recorded by agencies as White we also

identify as White in the composite. Black and Hispanic labels fare even better with an even higher

share (>92 percent, >94 percent) agreeing with the composite race/ethnicity. Two populations

show relatively lower rates of precision: Asians/Pacific Islanders (61–78 percent) and American

Indians and Alaska Natives (76–81 percent).

Panel B shows divergent results when examining the share of Census Bureau race/ethnicity

composites that are accurately identified by agencies, a measurement concept similar to recall.

White and Black populations have very high concordance, meaning that the vast majority (>94

percent, >96 percent) of those identified as White or Black are recorded as such by the justice sys-

tem. Asian/Pacific Islanders, Hispanics, and AIANs, however, show substantially lower concor-

dance. For example, whether looking at court records or prison records, slightly over one quarter

of those who self-identify as Asian/Pacific Islander are recorded as such by agencies. Hispanic

individuals are rarely recorded as Hispanic by criminal court systems (15–16 percent), but have

somewhat better rates within the prison context (67 percent). AIANs show a similar dynamic as

Hispanics, albeit with better performance in courts (38 percent) and worse performance in prison

data (50 percent).

One conclusion from these exercises is that the justice system tends to default to labeling indi-

viduals as White or Black, the largest justice-involved racial groups. As has long been recognized

by the Bureau of Justice Statistics, many agencies vary in whether information on Hispanic iden-

15



tity is recorded in electronic records (e.g., Carson 2021, p. 42). We also see evidence that race

and ethnicity records from prison systems tend to be higher quality than those in court data. This

is consistent with what we know about how some departments of correction rely on race and eth-

nicity information for operational purposes, which provides an incentive for higher data standards

for these fields.

This latter point regarding varying quality across procedural stages of the justice system is also

shown in the full empirical correspondences shown in Tables 5 and 6. These tables capture the

complete set of transition probabilities for each agency recorded and Census Bureau composite

pair, first for court defendants then for prison caseloads. Overall, the concordance rate of the Cen-

sus Bureau composites with agency-recorded race and ethnicity is only 83 percent in adjudication

records, which increases to 90 percent in prison records. This means that 17 percent and 10 per-

cent of these respective caseloads have some disagreement between agency-recorded and Census

composite labels.

It is also interesting to consider the most common types of misreports made in these systems.

For example, the most common misalignment we observe in both court and prison systems is that

individuals who we identify as Hispanic in the Census Bureau composites are recorded as White

in administrative records. The next most common off-diagonal pairing are individuals identified

as Hispanic in the composites but labeled as Black by justice agencies. These patterns are not sur-

prising given that some agencies do not systematically collect information about ethnicity. Three

additional racial groups, AIAN, Asian/Pacific Islander, and Other, which includes Multiracial iden-

tification, also show systematic sorting to White and Black agency-recorded racial codes. While

these groups constitute a smaller share of the justice-involved population overall, the misclassifi-

cations are significant enough that the majority of agency records do not reflect how individuals

are identified in Census Bureau data.

The second to last rows and columns from Tables 5 and 6 show the implied racial and ethnic

composition of the justice system based on agency-recorded versus Census Bureau composite

identity. We observe that 38 percent of inmates are identified as White, 40 percent as Black,
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18 percent as Hispanic, 2 percent as American Indian and Alaska Native, and less than 1 percent

identify as Asian/Pacific Islander or Other. The caseload demographics for misdemeanor and

felony defendants are similar to those for prison inmates but with relatively more White defendants

(48 percent) and a smaller share of Black (35 percent) and Hispanic (13 percent) defendants. While

interpreting this exercise comes with the caveat that the estimates are limited to only jurisdictions

contained within CJARS, Finlay, Mueller-Smith, and Papp (2022) show that CJARS coverage is

generally representative of the U.S. as a whole on a wide range of characteristics.

Delving further, we can disaggregate our measures of race and ethnic data quality by more de-

tailed types of interaction with the justice system, explore how they change over time, and measure

how they vary across states. Figures 3 and 4 show the annual rates of precision and recall between

2000 and 2019 for felony and misdemeanor defendants as well as incarceration entries, exits, and

populations. Overall, we generally see a fair degree of stability in these quality measures over time.

There is a notable increase between 2000 and 2011 in the percent of agency-recorded Asian/Pacific

Islander records for misdemeanor defendants that concord with the composite race/ethnicity, but

other measures tend to remain relatively constant. Since incarceration entries and exits are con-

structed from smaller populations, they do show higher variance year-to-year even if the running

average roughly matches the more stable incarcerated population measures. Focusing on the share

of Census Bureau composites accurately labeled by agencies, there do appear to be signs of im-

provements in data quality over time. For example, an increasing share of Hispanic inmates are

labeled as such by prison systems up through 2012; unfortunately data quality on this dimension

returns to the lower values from the early 2000s by the end of our statistical series in 2019.

Across states, justice agencies vary in how they code race and ethnicity. Figures 5 and 6 show

the geographic variation in the share of criminal defendants and prison inmates identified in the

Census Bureau composites in the same way as agency-recorded labels by race and ethnicity. Na-

tionwide, the concordance for White and Black justice-involved populations is consistently high.

With the exception of Maryland court records where only 56 percent of defendants who are iden-

tified in the composite as White are recorded as White, agreement rates often are in excess of 97
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percent. We find somewhat lower recall for: Black defendants in Arizona (95 percent), Oregon (90

percent), and Virginia (94 percent); White defendants in Virginia (95 percent); Black inmates in

Montana (92 percent) and New York (94 percent); and White inmates in Arizona (95 percent) and

New York (92 percent).

In contrast, few jurisdictions record race and ethnicity accurately for people who we identify

in Census Bureau records as American Indian and Alaska Native, Asian, Pacific Islander, or His-

panic. For AIAN and Hispanic populations, it does appear that jurisdictions with larger resident

populations from these groups tend to fare better. The label agreement of AIAN justice-involved

individuals is highest in Montana, Minnesota, Arizona, and Nebraska. Likewise the coverage of

Hispanic inmates is highest in Arizona, Illinois, and Texas. That said, some jurisdictions break

this pattern. A minority of Hispanic defendants and inmates in Florida, for example, are recorded

as such by the criminal justice agencies they interact with in spite of Florida’s large Hispanic pop-

ulation. Across the map, there is low data quality for Asian/Pacific Islander populations, perhaps

related to this population’s infrequent contact with the justice system in general.

3.3 Evaluating alternative hypotheses related to record linkage errors

These exercises rely on the assumption that the Census Bureau composite race/ethnicity linked

with agency-recorded race/ethnicity from administrative records correspond to the same underly-

ing person. One reason that discordance could arise between the Census Bureau composite and

agency-recorded race and ethnicity is if this assumption regarding accurate record linkage fails,

which may occur since the data integration relies on probabilistic record linkage. This would be

even more problematic if linkage errors disproportionately affected specific minority populations.

To explore how much bias might be introduced due to record linkage errors, we explore two

exercises. First, we examine the degree of concordance between agency-recorded sex and sex

as recorded in the Census Numident. As discussed above, sex information in criminal justice

administrative data is viewed by records administrators as high quality. Consequently, high levels

of sex discordance would be warning sign for potential flaws in the record linkage procedure
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that may result in an overestimate of race/ethnicity misreporting. For this exercise, we use an

analogous algorithm to select a Census Bureau composite sex from the 2000 and 2010 Censuses

and the Census Numident.

Figure 7 reports the sex concordance results. We find high agreement rates between agency-

recorded and the composite sex. Over 99 percent of individuals identified as male are recorded as

such by agencies. Similarly, over 98 percent of individuals identified as female are recorded that

way by agencies. Sex is used as an input in the Census Bureau PVS record linkage process, whereas

race and ethnicity are not, so this exercise may overstate the degree of concordance between the

sex measures. Given that some minor degree of discordance may be attributable to measurement

error in the Census Bureau data, differences in measurement concepts, and differences in reporting

over time, these results provide evidence that record linkage is working as intended.12

The second exercise considers whether linked Medicaid administrative records exhibit the same

degree of racial and ethnic discordance observed in criminal justice administrative records. Three

factors make this a particularly interesting comparison exercise. First, the Medicaid data are com-

piled and linked from state agency records in a process similar to that used to harmonize the CJARS

data. Second, Medicaid records should capture self-reported or family-reported race and ethnic-

ity submitted by applicants on their enrollment paperwork. Finally, the income-targeted nature of

Medicaid means the data should draw from a population more closely resembling the racial and

ethnic distribution of justice-involved individuals. There are documented limitations in the quality

of race and ethnicity data in Medicaid records, which might generate discordance with Census

Bureau survey records in ways distinct from divergences between the composite race/ethnicity and

ones based on agency perception (Limburg, Kurczewski, and Udalova 2023). Consequently, to

the extent that Medicaid data show stronger concordance relative to the criminal justice data, this

would be a lower bound on the relative impact of agency-perception.

Figure 8 shows the findings from the exercise. For the overall population as well as specific

12Concordance of race and ethnicity measures may vary by sex since factors like surname change at marriage may
disproportionately impact women and may influence perceptions of race and ethnicity. Understanding the intersection
of these characteristics should be an important area for future research.
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racial/ethnic subgroup, we show the share of Census Bureau composite labels that agree with the

agency label. This is broken out for four groups: felony and misdemeanor defendants, prison in-

mates, justice-involved Medicaid recipients (either in court or prison records), and all Medicaid

recipients. The first two columns reproduce results from above as a point of comparison. Overall,

the Medicaid data, whether looking at justice-involved Medicaid recipients or all Medicaid recipi-

ents, have higher concordance rates (91–92 percent) than those observed in the CJARS data (83–90

percent), especially relative to the court records. Aligning with prior findings, the improvements

come from better coverage of Asian, Pacific Islander, Hispanic, and American Indian and Alaska

Native populations.

These two exercises show that the degree of discordance between agency-recorded race/ethnicity

and the Census Bureau race/ethnicity composite is uniquely poor. Sex, as measured by justice

agencies, compares well with sex measured by Census Bureau sources, and race/ethnicity is mea-

sured more accurately in Medicaid data than justice data, even for the Medicaid-enrolled popula-

tion that is justice involved.

4 Using Census Bureau composite race and ethnicity microdata to adjust

federal statistics on incarceration

Since 1980, the Bureau of Justice Statistics (BJS) has published regular reports about the size and

composition of state and federal prisoner populations in the United States. To do this, they rely on

data from the National Prisoner Statistics (NPS) program, which solicits aggregate information on

year-end prison counts from state and federal corrections agencies. Jurisdictions report back data

based on information available in their records management systems.

Because not all NPS data providers record information in a manner consistent with OMB guide-

lines, BJS relies on supplementary survey data as a benchmark for the racial and ethnic composi-

tion of the prisoner population in the United States. For state records prior to 2016, BJS adjusted

annual prisoner counts to match the distribution of self-reported race and ethnicity from the 2004

20



Survey of Inmates in State and Federal Correctional Facilities (SISFCF). Starting in 2016, BJS

also incorporated equivalent data from the 2016 Survey of Prison Inmates (SPI) to account for

potential changes in the demographic profile of inmates. Prisoner counts for prior reporting years

over the preceding decade were re-released using a new set of weights that smoothed the transi-

tion between the 2004 and 2016 survey distributions. For federal prisoners, a similar process was

applied using corresponding federal survey responses. Table 7 shows the difference between the

2004 SISFCF and 2016 SPI race distributions, and Figure 9 shows how the weight adjustment

affected the distribution of BJS-reported imprisonment per capita by race/ethnicity subgroup.

The race/ethnicity reweighting strategy employed by BJS to meet OMB guidelines creates a

dependence on the accuracy of costly and therefore infrequently administered survey instruments.

For example, the re-reported 2015 prisoner estimates following the incorporation of 2016 SPI data

into the reweighting methodology reduced the number of White inmates by 48,800 (9.8 percent),

reduced Black inmates by 26,600 (5.1 percent), and increased Hispanic inmates by 16,400 (5.1

percent).13 The net decline in total inmates falling into the three largest racial/ethnic categories is

attributable to a high rate of respondents in the 2016 SPI reporting Two or More Races, a category

for which BJS does not report prison population counts because almost no department of correc-

tions has data to support this category. From the 2004 to 2016 survey instruments, the percent of

state inmates self-reporting as Multiracial grew by 242 percent from 3.3 percent to 11.3 percent.14

The growth in multiracial identification is consistent with broader demographic trends in the

United States. That said, it is also possible that the differences observed between these two survey

waves is a byproduct of the surveys’ stratified two-stage sample design, wherein a set of prison

facilities are first sampled for inclusion in the survey (301 [364] out of 1,801 [2,001] unique fa-

cilities in the 2004 SISFCF [2016 SPI]) and then inmates within just that subset of facilities are

13Authors’ calculations based on data underlying Figure 9. In 2015, BJS reported 2015 prisoner counts for Whites,
Blacks, and Hispanics as 499,400, 523,000, and 319,400. In 2022, the 2015 prisoner counts, which incorporated the
2016 SPI data, were reported as 450,600, 496,400, and 335,800.

14The net reduction of prison inmates reported to be in one of the three largest racial and ethnic subgroups following
the incorporation of the 2016 SPI is not the consequence of retroactive revisions to the number of inmates reported
to BJS in the NPS; Panels D and E of Figure 9 show that reported imprisonment rates for men and women line up
perfectly across reporting years, regardless of how racial and ethnic reweighting was conducted.
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sampled for the survey.15 Clustered sampling strategies, while cost-effective, are known to gener-

ate higher variance in their estimates. Additionally, inmate non-response (10 percent [30 percent]

in the 2004 SISFCF [2016 SPI]) may limit the representativeness of the survey estimates to the

prisoner population as a whole.

With the luxury of person-level data linkages, we can take an alternative approach to reweight

prison populations. We leverage the annual NPS reports by state and federal agencies of their raw,

unadjusted counts by agency-recorded race/ethnicity. Those raw counts can be reweighted by our

estimated year-specific concordance matrices for incarcerated populations to generate estimates

that adjust for the racial and ethnic distribution of the prisoner population based on the Census

Bureau race/ethnicity composite. This permits us to reallocate subpopulations within agency-

recorded bins to different Census Bureau race/ethnicity composites. For example, we observe

that 8 percent (4 percent) of agency-recorded White (Black) inmates in 2019 are identified in the

composite measure as Hispanic. An equivalent strategy could be used with the 2004 SISFCF and

2016 SPI if those survey responses were linked to raw agency records, but the CJARS data provide

a much larger sample to estimate the reweighting matrix.

There are strengths and weaknesses of this approach. On the positive side, we are able to incor-

porate the original NPS-reported aggregate counts by agency-recorded race and ethnicity for the

entire United States. While imperfectly suited to meet OMB guidelines, this ground-truth agency

data is high quality annual information about the racial and ethnic distribution of the prisoner pop-

ulation. Applying a concordance matrix to these counts translates agency-recorded labels to labels

closer in principle to something self reported. In the context of the population of prisoners, fewer

than 10 percent of inmates on average between 2000 and 2019 are relabeled using this method.

We estimate concordance matrices for these populations on an annual basis so they can adjust

as the relationship between agency-record race and ethnicity and self-identification evolves over

15In practice, only a subset of facilities are sampled at random and randomly selected facilities are not selected
with equal probability. The facilities with the largest inmate populations were “sampled” with certainty thereby auto-
matically entering the sample, while the remaining were stratified by census region and given a sampling probability
proportional to the size of their inmate population. As a result, selected prisons are larger than non-selected prisons
and selected inmates may not be nationally representative of the overall prisoner population.
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time, whether due to improvements in data quality, changes in records policies and procedures, or

changes in how justice-involved people perceive their own races and ethnicities.16

The drawback is that CJARS does not include data from all state prisons. As a result, we have

to assume that the estimated concordance matrices generalize to all states. While important, we

view this as an assumption that is secondary in nature since the majority of information regarding

the racial and ethnic composition of the prisoner population will come from the NPS counts, which

do not face the same coverage limitations as the linked CJARS microdata.

Figure 10 shows the results of reweighting using the CJARS/Census Bureau correspondence

matrices. Results are shown separately by the five race/ethnicity groups included in BJS reporting

as well as the non-reported residual category: White, Black, AIAN, Asian/Pacific Islander, His-

panic, and Other. Each panel includes the raw unadjusted NPS imprisonment rate per 100,000

adults (dot-dash line), the adjusted BJS-reported imprisonment rate using the 2004 SISFCF and

2016 SPI (dash line), and the CJARS-Census Bureau matrix-adjusted imprisonment rate (solid

line). To construct the BJS-adjusted rate for the Other series, we take the total overall count of

prisoners reported by BJS and subtracted the reported counts from the five major racial and ethnic

groups.

Several important findings emerge. The CJARS/Census Bureau-adjusted imprisonment rates

almost always exceed the BJS-adjusted statistical series. The two exceptions are the Hispanic im-

prisonment rate, where the two series are very close to each other, and the Other imprisonment

rate, where the implied BJS-adjusted rate is significantly higher than the BJS unadjusted rate or

the CJARS/Census Bureau-adjusted rate. This pattern arises because a disproportionate share of

2004 SISFCF and 2016 SPI respondents identify as multiracial compared to the agency-record

race codes in the NPS or the Census Bureau composite labels linked to CJARS data.17 These gaps

become more pronounced over time between 2005 and 2016, especially for White and Black pris-

16Because of lags in data production, we apply the 2019 correspondence matrix to the 2020 and 2021 NPS counts
to get CJARS-adjusted estimates in those years.

17As can be seen in Table 6, Column 8, only 0.39% of prisoners in the CJARS data between 2000 and 2019 are
identified as Other/Multiracial in the Census Bureau race/ethnicity composite. This is 88 percent and 97 percent
smaller than the shares reported as Multiracial in the state prison estimates from the 2004 SISFCF (3.3 percent) and
the 2016 SPI (11.3 percent).
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oners, as the BJS reweighting strategy shifts towards placing more weight on the 2016 SPI implied

race and ethnicity distributions. For 2018, CJARS/Census Bureau-adjusted estimates place the

imprisonment rate of White and Blacks 20 percent and 17 percent higher, respectively, compared

to BJS-reported rates. In levels, this corresponds to approximately 86,000 previously unreported

additional White inmates and 80,000 previously unreported additional Black inmates in 2018.18

If the BJS adjustments are accurate, it would imply that the imprisonment rate for Other/Multiracial

individuals is the highest of any demographic group in the U.S., more than 200 percent higher

than for Blacks. In contrast, the BJS unadjusted and CJARS/Census Bureau-adjusted rates for the

Other population place them somewhere between rates for Hispanics and Whites. Table 8 uses

data from the American Community Survey (ACS) between 2005 and 2019 to show a variety of

socioeconomic characteristics in the overall population for these racial and ethnic groups, includ-

ing educational attainment, employment and earnings, and household structure.19 On each of these

measures, the Other adults appear much more similar to White and Hispanic adults, suggesting the

CJARS-adjusted statistical series are more consistent with other observed population differences

across racial and ethnic groups. Stated differently, it is not the case that Other adults are more

economically disadvantaged than Black adults on any measure, as should be the case if the impris-

onment rate in this population was more than 200 percent higher than Black adults. The treatment

of the Other/Multiracial category is a potential shortcoming in the BJS imputation strategy that

could be improved with the kind of record linkage used in this paper.

Another finding from Figure 10 is that the CJARS/Census Bureau-adjusted imprisonment rate

for the AIAN population is on average 45 percent larger than the BJS-adjusted imprisonment rate

since 2010. In 2015, the CJARS/Census Bureau-adjusted series is 62 percent larger than the BJS-

reported imprisonment rate. The increase reflected in the CJARS/Census Bureau-adjusted series

is so substantial that by the latter half of the 2010s, the imprisonment rates of Blacks and AIANs

18Authors’ calculations based on data underlying Figure 10. In 2018, the adjusted BJS prisoner counts for Whites
and Blacks were 430,500 and 461,500; the equivalent prisoner counts using the CJARS/Census Bureau-adjustment
were 516,381 and 541,163.

19Using publicly available 2005–2019 5-year ACS IPUMS files (Ruggles et al. 2024), we restrict to a sample
of respondents aged between 18 and 65 years and stratify by the mutually exclusive race/ethnicity categories used
throughout this paper. For each group, we calculate person-weighted means for the characteristics listed in Table 8.
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are approximately equivalent. This potential major revision to our understanding of the prevalence

of prison incarceration within this group reflects the challenge of accurately capturing information

about less populous racial and ethnic groups with small samples from surveys like the SISFCF and

the SPI.

5 Conclusion

In this paper, we consider the challenge of trying to analyze race and ethnicity information in the

context of the U.S. criminal justice system, where race and ethnicity date are often assigned by law

enforcement officers and other justice officials. Operational priorities, limited resources, and other

bureaucratic incentives limit the improvement of race and ethnicity records even when misreports

have been identified.

We link agency-recorded race and ethnicity data from CJARS at the person level to a composite

race and ethnicity measure constructed from 2000 and 2010 Census and Census Numident data.

By being composed primarily of self- or family-reported data, the Census Bureau race/ethnicity

composite better reflects best practices in race and ethnicity measurement. These matched data

allow us to quantify both the degree of discordance between the justice agency-reported and Census

Bureau composite sources and the types of misreports that occur in practice. Overall, we find

that 17 percent of felony and misdemeanor defendants and 10 percent of prison inmates have a

Census Bureau composite race/ethnicity that differs from their agency-recorded label. The most

common types of discordance are where individuals are identified as Hispanic in the Census Bureau

composite but are labeled by agencies as White or Black (and not Hispanic). While agency labels

typically concord for the vast majority of Whites and Blacks in their caseloads, agencies are much

less successful at identifying American Indians and Alaska Natives, Asians, Pacific Islanders, and

Hispanics.

We apply the estimated empirical correspondences between agency-recorded and Census Bu-

reau composite race and ethnicity to the raw, unadjusted annual National Prisoner Statistics data

to re-estimate imprisonment rates by race and ethnicity. Because of concerns about the quality of
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race and ethnicity information reported in the NPS and its adherence to OMB guidelines, BJS’s

current practice is to reweight the racial and ethnic distribution of imprisonment using two national

prisoner surveys from 2004 and 2016. We find large discrepancies between the BJS approach and

our estimates that incorporate the original NPS data with our estimated annual correspondence

matrices. For example, we find that there were approximately 85,000 additional White inmates

and 80,000 Black inmates in 2018 in 2018 than BJS reported and that the imprisonment rate of

AIANs was 46 percent higher on average since 2010.

These results have implications for Census Bureau collections and the downstream uses of those

data to study the justice system. As decennial census and ACS group quarters responses are in-

creasingly collected in bulk from administrators, census and ACS race and ethnicity data will more

greatly reflect the limitations of justice data systems. Race/ethnicity data collected from jails are

likely to be of particularly poor quality, since those data are often collocated with court data, which

we find misidentify people who are not White or Black. The 2024 SPD15 revision requires fed-

eral agencies to transparently describe how race and ethnicity data have been collected (Office of

Management and Budget 2024). Working with data-providing justice agencies to better document

their own collection processes would allow the Census Bureau to further inform the public about

any limitations of resulting census or survey data. This could be part of a broader research agenda

that measures how justice data can be mapped to the collection of race and ethnicity in a single

question that allows multiple responses, and for the addition of Middle Eastern or North African as

a minimum category—changes required under the 2024 SPD15 revision (Office of Management

and Budget 2024).

Research on crime and justice in the U.S. increasingly relies on administrative data with agency-

recorded race and ethnicity. The race/ethnicity misreporting we measure raises questions about re-

search that relies on agency data without further linkage or adjustments. Systematic mismeasure-

ment may mean that existing estimates on racial and ethnic disparities in criminal justice outcomes

are currently underestimated. This paper shows the value of data infrastructure efforts like CJARS

that support the linkage of individual-level microdata across a range of sources. We demonstrate
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how leveraging the full depth of available information in integrated data environments like the Cen-

sus Bureau’s Data Linkage Infrastructure can strengthen our knowledge about—and meaningfully

improve the monitoring of—the criminal justice system in the United States.
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6 Tables

Table 1: Race and ethnicity categories in raw CJARS data sourced
from state departments of corrections

State White Black Asian Hispanic AIAN Other

Arizona ✓ ✓ ✓ ✓ ✓ ✓
Arkansas ✓ ✓ ✓ ✓ ✓ ✓
Florida ✓ ✓ ✓ ✓ * -
Georgia ✓ ✓ ✓ * * -
Illinois ✓ ✓ ✓ ✓ ✓ ✓
Indiana ✓ ✓ ✓ ✓ * -
Iowa ✓ ✓ ✓ ✓ ✓ -
Kansas ✓ ✓ ✓ ✓ ✓ -
Michigan ✓ ✓ ✓ ✓ ✓ -
Minnesota ✓ ✓ ✓ - ✓ -
Mississippi ✓ ✓ ✓ ✓ ✓ -
Missouri ✓ ✓ ✓ - ✓ -
Montana ✓ ✓ ✓ - ✓ -
Nebraska ✓ ✓ ✓ ✓ ✓ ✓
Nevada ✓ ✓ ✓ ✓ ✓ -
New Jersey ✓ ✓ ✓ ✓ * -
New York ✓ ✓ ✓ ✓ ✓ ✓
Ohio ✓ ✓ ✓ - ✓ ✓
Oklahoma ✓ ✓ ✓ ✓ ✓ ✓
Oregon ✓ ✓ ✓ ✓ ✓ -
Pennsylvania ✓ ✓ ✓ ✓ * ✓
Texas ✓ ✓ ✓ ✓ ✓ ✓
Vermont ✓ ✓ ✓ - ✓ ✓

Source: Authors’ calculations from raw criminal justice histories us-
ing data from the CJARS 2022Q4 vintage. Calculations were made
from CJARS data at the University of Michigan, not from Census Bu-
reau data protected by 13 USC § 9(a).
Note: "✓" indicates a state DOC records that race/ethnicity category.
"-" indicates that the state DOC does not record that race/ethnicity cat-
egory. "*" indicates that fewer than 0.5% of records from this state are
associated with this race/ethnicity. Only statewide DOCs that provide
any race information in their incarceration data and are covered by
CJARS are included in this table. Race categories are modeled off of
race categories used in Bureau of Justice Statistics National Prisoners
Statistics program.
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Table 2: Convenience sample used to study the life cycle of race and ethnicity data in criminal
justice records management systems

Source State Stage of the justice system Citation

Person A Arizona Department of corrections
Person B Illinois,

Michigan
State prosecutor’s office,
local police

Person C Michigan Department of corrections,
local police

Person D Ohio Department of corrections
Person E New Jersey Community supervision,

criminal courts
Person F New York Criminal courts
Person G New York Criminal courts
Guidelines A Florida Public defender’s office Law Offices of the Public

Defender, 11th Judicial
Circuit of Florida (2024)

Guidelines B Michigan Department of corrections Michigan Department of
Corrections (2022),Michigan
Legislature (2023)

Guidelines C Michigan State police Michigan State Police (2024)
Guidelines D Texas All stages Texas State Legislature

(2024)
Guidelines E Texas Criminal courts Dallas County District

Attorney’s Office (2024)

Source: Authors’ summary of sources consulted to study life cycle of race and ethnicity data in
criminal justice records management systems.

Table 3: Recoding Census Bureau race and ethnicity to BJS/CJARS race and ethnicity

BJS/CJARS Census Bureau
race/ethnicity Census Bureau race ethnicity
White, non Hispanic White Not Hispanic
Black, non Hispanic Black or African American Not Hispanic
AIAN, non-Hispanic American Indian, Alaska Native Not Hispanic
Asian/Pacific Islander,

non-Hispanic
Chinese, Indian, Filipino, Vietnamese, Korean,
Japanese, Other Asian, Native Hawaiian, Guamanian
or Chamorro, Samoan, Other Pacific Islander

Not Hispanic

Other, non-Hispanic Some Other Race, Two or More Races/Multiracial Not Hispanic
Hispanic Any race Hispanic

Source: Authors’ mapping based on Finlay and Mueller-Smith (2022) and, for example, Carson
(2022, p. 42).
Note: BJS uses the coding above in collections based on administrative records. In demographic
surveys, BJS uses the separate race and ethnicity codes required by OMB (1997).
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Table 4: Agreement between Census Bureau race/ethnicity composites and component data sources

Among records
linked to 1+

census and the
Census

Among records linked to 1+ census Numident
Census Bureau Linkage rates to data sources 2000 2010 Either Either Census
race/ethnicity 1–2 1 Census Census Census census census Numident
composite censuses census Numident agrees agrees agrees disagrees agrees

Felony and misdemeanor defendants, 2000–2019:
White, not Hispanic 89% 31% 88% 98% 97% 100% 4% 99%
Black, not Hispanic 80% 39% 91% 96% 96% 99% 6% 98%
Asian/PI, not Hispanic 86% 44% 83% 78% 84% 89% 28% 80%
Hispanic 86% 41% 89% 91% 93% 97% 11% 80%
AIAN, not Hispanic 88% 49% 87% 83% 85% 93% 22% 60%
Other, not Hispanic 79% 49% 75% 76% 43% 82% 49% 29%

Ever incarcerated population, 2000–2019:
White, not Hispanic 75% 40% 95% 98% 97% 100% 4% 99%
Black, not Hispanic 64% 41% 96% 96% 96% 98% 6% 98%
Asian/PI, not Hispanic 72% 51% 92% 71% 74% 77% 35% 70%
Hispanic 75% 46% 94% 93% 93% 96% 10% 83%
AIAN, not Hispanic 79% 54% 94% 86% 87% 92% 17% 61%
Other, not Hispanic 58% 44% 88% 81% 50% 83% 36% 23%

Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal his-
tories (2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101,
CBDRB-FY24-0277.
Note: Each panel reports the share of observations which meet the listed criteria, conditional on being in each row.
CJARS court data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania, Texas,
Virginia, Wisconsin. CJARS prison data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan, Minnesota,
Montana, Nebraska, New York, North Carolina, Oklahoma, Pennsylvania, Texas.
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Table 5: Concordance of agency-record race/ethnicity versus Census Bureau race/ethnicity composite, individuals charged
with a felony or misdemeanor, 2000–2019, total table percents

Race/ethnicity recorded by justice system % of agency-
Census Bureau recorded equal Caseload
race/ethnicity White Black AIAN Asian/PI Other Hispanic to composite share Row total
composite (1) (2) (3) (4) (5) (6) (7) (8) (9)

White 45.70% 0.73% 0.05% 0.11% 1.56% 0.08% 94.76% 48.23% 737,000
Black 0.93% 33.70% 0.01% 0.03% 0.16% 0.02% 96.68% 34.85% 533,000
AIAN 0.87% 0.28% 0.76% 0.01% 0.04% 0.01% 38.39% 1.97% 30,000
Asian/PI 0.62% 0.21% 0.02% 0.38% 0.11% 0.01% 28.06% 1.35% 21,000
Other 0.16% 0.14% 0.01% 0.02% 0.02% 0.01% 4.62% 0.36% 5,000
Hispanic 9.16% 1.30% 0.09% 0.06% 0.50% 2.13% 16.10% 13.24% 202,000

% of composite
Concordance rate

82.69%
equal to 79.58% 92.68% 80.90% 61.15% 0.67% 94.15%
agency label

Caseload share 57.44% 36.36% 0.94% 0.61% 2.39% 2.26%
Column total 878,000 556,000 14,000 10,000 36,000 35,000 1,529,000

Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal histories (2022Q4
vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101, CBDRB-FY24-0277.
Note: CJARS court data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania, Texas, Vir-
ginia, Wisconsin. This table presents the percent of individuals with particular combinations of agency-recorded race/ethnicity
and Census Bureau race/ethnicity composites out of the total sample. For example, White, White indicates that 45.7% of the
1,529,000 in the sample are labeled by justice agencies as White are also identified as White in the race/ethnicity composite.
Race groups exclude people with Hispanic ethnicity; Hispanic includes people of all races. Estimates and sample sizes have
been rounded according to Census Bureau DRB rules.
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Table 6: Concordance of agency-recorded race/ethnicity versus Census Bureau race/ethnicity composite, population of people
in prison, 2000–2019, total table percents

Race/ethnicity recorded by justice system % of agency-
Census Bureau recorded equal Caseload
race/ethnicity White Black AIAN Asian/PI Other Hispanic to composite share Row total
composite (1) (2) (3) (4) (5) (6) (7) (8) (9)

White 37.21% 0.51% 0.15% 0.01% 0.06% 0.51% 96.78% 38.45% 190,000
Black 0.38% 39.56% 0.02% 0.00% 0.11% 0.08% 98.49% 40.15% 198,000
AIAN 0.70% 0.25% 1.04% 0.00% 0.01% 0.06% 50.46% 2.06% 10,000
Asian/PI 0.34% 0.19% 0.01% 0.20% 0.05% 0.03% 24.49% 0.82% 4,000
Other 0.10% 0.12% 0.04% 0.02% 0.02% 0.09% 5.11% 0.39% 2,000
Hispanic 4.08% 1.20% 0.12% 0.02% 0.53% 12.16% 67.19% 18.11% 89,000

% of composite
Concordance rate

90.2%
equal to 86.91% 94.59% 75.72% 78.37% 2.54% 93.99%
agency label

Caseload share 42.81% 41.83% 1.38% 0.25% 0.78% 12.93%
Column total 211,000 206,000 7,000 1,000 4,000 64,000 493,000

Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal histories
(2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101, CBDRB-FY24-
0277.
Note: CJARS prison data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan, Minnesota, Montana, Nebraska,
New York, North Carolina, Oklahoma, Pennsylvania, Texas. This table presents the percent of individuals with particular
combinations of agency-recorded race/ethnicity and Census Bureau race/ethnicity composites out of the total sample. For
example, White, White indicates that 37.21% of the 493,000 in the sample are labeled by justice agencies as White are also
identified as White in the race/ethnicity composite. Race groups exclude people with Hispanic ethnicity; Hispanic includes
people of all races. Estimates and sample sizes have been rounded according to Census Bureau DRB rules.
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Table 7: Self-reported race and ethnicity in the 2004 Survey of Inmates in State and
Federal Correctional Facilities (SISFCF) and 2016 Survey of Prison Inmates (SPI)

2004 SISFCF 2016 SPI
Race/ethnicity State Federal State Federal

White, non-Hispanic 36.5% 29.2% 31.9% 21.0%
(0.7%) (1.3%) (1.0%) (2.1%)

Black, non-Hispanic 40.0% 39.0% 33.8% 32.2%
(0.7%) (1.4%) (1.2%) (3.0%)

Hispanic 17.5% 24.7% 20.7% 37.1%
(0.6%) (1.2%) (0.9%) (4.2%)

American Indian/Alaska Native, non-Hispanic 1.7% 2.8% 1.4% 1.7%
(0.2%) (0.5%) (0.2%) (0.5%)

Asian/Pacific Islander, non-Hispanic 1.0% 1.7% 0.9% 1.5%
(0.1%) (0.4%) (0.1%) (0.3%)

Two or more races, non-Hispanic 3.3% 2.6% 11.3% 6.5%
(0.3%) (0.4%) (0.4%) (0.7%)

N 14,477 3,680 20,064 4,784

Source: 2004 SISFCF estimates and standard errors from authors’ calculations of
person-weighted proportions from publicly available survey microdata and methodol-
ogy (Bureau of Justice Statistics 2019a, 2019b). 2016 SPI estimates and standard errors
from Beatty and Snell (2021, p. 14) and Bureau of Justice Statistics (2023).
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Table 8: Socioeconomic characteristics of adults aged 18–65 years, American Community
Survey, 2005–2019, by race and ethnicity

Characteristic White Black AIAN Asian/PI Other Hispanic

Educational attainment
High school graduate 0.94 0.88 0.84 0.92 0.91 0.72

(0.0001) (0.0002) (0.0010) (0.0003) (0.0005) (0.0003)
Some college 0.58 0.46 0.40 0.69 0.56 0.34

(0.0001) (0.0004) (0.0014) (0.0005) (0.0009) (0.0003)
College graduate 0.32 0.18 0.13 0.49 0.27 0.13

(0.0001) (0.0003) (0.0010) (0.0005) (0.0008) (0.0002)

Employment/earnings
Unemployed 0.04 0.09 0.09 0.04 0.07 0.06

(0.0001) (0.0002) (0.0008) (0.0002) (0.0005) (0.0002)
Wage income $37,857 $23,693 $20,576 $41,099 $28,994 $23,340

(15.0) (24.6) (91.2) (59.1) (77.7) (20.3)
Total family income $96,807 $59,874 $59,659 $110,250 $82,007 $67,506

(26.5) (45.5) (176.6) (106.6) (151.3) (40.2)
Family income below 0.08 0.18 0.21 0.10 0.13 0.16

federal poverty line (0.0001) (0.0003) (0.0012) (0.0003) (0.0006) (0.0002)

Household structure
Single-parent household 0.09 0.23 0.16 0.08 0.15 0.15

(0.0001) (0.0003) (0.0011) (0.0003) (0.0007) (0.0002)

N 19,714,757 2,925,138 249,137 1,527,804 506,110 3,837,687

Source: Authors’ calculations from publicly available 2005–2019 5-year American Community Sur-
vey (ACS) IPUMS files (Ruggles et al. 2024).
Note: ACS sample is restricted to respondents aged between 18 and 65 years and stratified by the
mutually exclusive race/ethnicity categories used throughout this paper. Race groups exclude people
with Hispanic ethnicity; Hispanic includes people of all races. For each group, we calculate person-
weighted means for each characteristic.

7 Figures
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Figure 1: Flow of information during criminal case adjudication
(a) Case evolution prior to disposition

(b) Case evolution following disposition

Source: Authors’ summary of findings based on qualitative research. Sources consulted are enumerated in Table 2.
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Figure 2: Concordance of agency-recorded race/ethnicity versus Census Bureau race/ethnicity
composite, 2000–2019, by criminal justice caseload

Panel A: Proportion of race/ethnicity recorded by justice system
equal to Census Bureau race/ethnicity composites
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Panel B: Proportion of Census Bureau race/ethnicity composites
equal to race/ethnicity recorded by justice system
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Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal
histories (2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101,
CBDRB-FY24-0277.
Note: CJARS court data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania,
Texas, Virginia, Wisconsin. CJARS prison data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan,
Minnesota, Montana, Nebraska, New York, North Carolina, Oklahoma, Pennsylvania, Texas. This figure presents the
concordance of agency-recorded race/ethnicity and Census Bureau race/ethnicity composites. The two panels alter
the base measure/denominator. The bars represent different criminal justice caseloads. Estimates and sample sizes
have been rounded according to Census Bureau DRB rules.
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Figure 3: Proportion of race/ethnicity recorded by justice system equal to Census Bureau
race/ethnicity composites, 2000–2019, by criminal justice caseload and year

Panel A: Felony defendants Panel B: Misdemeanor defendants
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Panel E: Incarcerated population
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Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal
histories (2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101,
CBDRB-FY24-0277.
Note: CJARS court data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania,
Texas, Virginia, Wisconsin. CJARS prison data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan,
Minnesota, Montana, Nebraska, New York, North Carolina, Oklahoma, Pennsylvania, Texas. These figures present
the concordance of agency-recorded race/ethnicity and Census Bureau race/ethnicity composites over time. Each
panel represents a different criminal justice caseload. Estimates and sample sizes have been rounded according to
Census Bureau DRB rules.
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Figure 4: Proportion of Census Bureau race/ethnicity composites equal to race/ethnicity recorded
by justice system, 2000–2019, by criminal justice caseload and year

Panel A: Felony defendants Panel B: Misdemeanor defendants
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Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal
histories (2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101,
CBDRB-FY24-0277.
Note: CJARS court data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania,
Texas, Virginia, Wisconsin. CJARS prison data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan,
Minnesota, Montana, Nebraska, New York, North Carolina, Oklahoma, Pennsylvania, Texas. These figures present
the concordance of agency-recorded race/ethnicity and Census Bureau race/ethnicity composites over time. Each
panel represents a different criminal justice caseload. Estimates and sample sizes have been rounded according to
Census Bureau DRB rules.
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Figure 5: Geographic variation in the proportion of race/ethnicity recorded by justice system equal
to Census Bureau race/ethnicity composites, misdemeanor and felony defendants, 2000–2019, by
race/ethnicity and state

Panel A: White, non-Hispanic Panel B: Black, non-Hispanic

Panel C: AIAN, non-Hispanic Panel D: Asian/PI, non-Hispanic

Panel E: Hispanic

Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal
histories (2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101,
CBDRB-FY24-0277.
Note: "0"/white means that no race/ethnicity records concord across the two data sources. CJARS court data come
from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania, Texas, Virginia, Wisconsin.
These figures present the proportion of misdemeanor and felony defendants from different subgroups accurately
labeled by justice agencies, by state of criminal charge. Estimates and sample sizes have been rounded according to
Census Bureau DRB rules.
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Figure 6: Geographic variation in the proportion of race/ethnicity recorded by justice system
equal to Census Bureau race/ethnicity composites, population of prison inmates, 2000–2019, by
race/ethnicity and state

Panel A: White, non-Hispanic Panel B: Black, non-Hispanic

Panel C: AIAN, non-Hispanic Panel D: API, non-Hispanic

Panel E: Hispanic

Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal
histories (2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101,
CBDRB-FY24-0277.
Note: "0"/white means that no race/ethnicity records concord across the two data sources. CJARS prison data
come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan, Minnesota, Montana, Nebraska, New York, North
Carolina, Oklahoma, Pennsylvania, Texas. These figures present the proportion of prison inmates from different
subgroups accurately labeled by justice agencies, by state of incarceration. Estimates and sample sizes have been
rounded according to Census Bureau DRB rules.
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Figure 7: Percent of Census Bureau sex composites that concord with agency-recorded sex,
2000–2019, by criminal justice caseload
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Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, and CJARS criminal
histories (2022Q4 vintage). U.S. Census Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101,
CBDRB-FY24-0277.
Note: CJARS court data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania,
Texas, Virginia, Wisconsin. CJARS prison data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan,
Minnesota, Montana, Nebraska, New York, North Carolina, Oklahoma, Pennsylvania, Texas. This figure presents the
concordance of agency-recorded sex and Census Bureau sex composites by criminal justice caseload. Estimates and
sample sizes have been rounded according to Census Bureau DRB rules.

52



Figure 8: Percent of Census Bureau race/ethnicity composites that concord with justice or Medi-
caid agency records, 2000–2019, by criminal justice caseload
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Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, CJARS criminal histories
(2022Q4 vintage), and CMS Medicaid Statistical Information System (MSIS)/Transformed MSIS data. U.S. Census
Bureau, project number P-7500378, approval numbers CBDRB-FY24-0101, CBDRB-FY24-0277.
Note: CJARS court data come from Arizona, Florida, Maryland, Michigan, North Carolina, Oregon, Pennsylvania,
Texas, Virginia, Wisconsin. CJARS prison data come from Arizona, Florida, Illinois, Indiana, Kansas, Michigan,
Minnesota, Montana, Nebraska, New York, North Carolina, Oklahoma, Pennsylvania, Texas. These figures present
the proportion of individuals from different subgroups accurately labeled by justice agencies (in the case of the two
justice populations) or state Medicaid agencies (in the case of the two Medicaid populations). Estimates and sample
sizes have been rounded according to Census Bureau DRB rules.
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Figure 9: Imprisonment rates by race/ethnicity and sex adjusted using the 2004 Survey of Inmates
in State and Federal Correctional Facilities (SISFCF) and 2016 Survey of Prison Inmates (SPI)

Panel A: White, non-Hispanic Panel B: Black, non-Hispanic

220

240

260

280

300

320

Pr
is

on
er

s 
pe

r 1
00

k 
U

.S
. a

du
lts

w
ith

in
 d

em
og

ra
ph

ic
 g

ro
up

2005 2007 2009 2011 2013 2015 2017 2019 2021
Year

Pre-2016 Reporting Post-2016 Reporting

1,200

1,400

1,600

1,800

2,000

2,200

Pr
is

on
er

s 
pe

r 1
00

k 
U

.S
. a

du
lts

w
ith

in
 d

em
og

ra
ph

ic
 g

ro
up

2005 2007 2009 2011 2013 2015 2017 2019 2021
Year

Pre-2016 Reporting Post-2016 Reporting

Panel C: Hispanic

600

700

800

900

1000

1100

Pr
is

on
er

s 
pe

r 1
00

k 
U

.S
. a

du
lts

w
ith

in
 d

em
og

ra
ph

ic
 g

ro
up

2005 2007 2009 2011 2013 2015 2017 2019 2021
Year

Pre-2016 Reporting Post-2016 Reporting

Panel D: Male Panel E: Female

800

900

1000

1100

1200

1300

Pr
is

on
er

s 
pe

r 1
00

k 
U

.S
. a

du
lts

w
ith

in
 d

em
og

ra
ph

ic
 g

ro
up

2005 2007 2009 2011 2013 2015 2017 2019 2021
Year

Pre-2016 Reporting Post-2016 Reporting

60

70

80

90

Pr
is

on
er

s 
pe

r 1
00

k 
U

.S
. a

du
lts

w
ith

in
 d

em
og

ra
ph

ic
 g

ro
up

2005 2007 2009 2011 2013 2015 2017 2019 2021
Year

Pre-2016 Reporting Post-2016 Reporting

60

70

80

90

Pr
is

on
er

s 
pe

r 1
00

k 
U

.S
. a

du
lts

w
ith

in
 d

em
og

ra
ph

ic
 g

ro
up

2005 2007 2009 2011 2013 2015 2017 2019 2021
Year

Pre-2016 Reporting Post-2016 Reporting
Source: These figures report BJS published imprisonment rates by reporting method (Carson 2016, 2018; Bronson
and Carson 2019; Carson 2020a, 2020b, 2021, 2022; Carson and Kluckow 2023).
Note: Pre-2016 reporting exclusively uses the 2015 BJS report and post-2016 reporting uses the latest available report
as the value for each year.
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Figure 10: Imprisonment rates by race/ethnicity, 2000–2021: unadjusted NPS rates, rates adjusted
using BJS surveys, rates adjusted using CJARS-Census Bureau data

Panel A: White, non-Hispanic Panel B: Black, non-Hispanic
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Source: Authors’ calculations from the 2000 and 2010 Censuses, the Census Numident, CJARS criminal histories
(2022Q4 vintage), and National Prisoner Statistics Program data. U.S. Census Bureau, project number P-7500378,
approval numbers CBDRB-FY24-0101, CBDRB-FY24-0277.
Note: Figures show estimated imprisonment rates for state and federal prisoners using three methods. The
BJS-unadjusted rate shows the original racial and ethnic distribution reported by agencies to BJS in the NPS. The
BJS-adjusted rate shows their published per capita rates which rely on imputing racial and ethnic population shares
based on inmate survey data. The CJARS-Census Bureau-adjusted rate rescales the original unadjusted data reported
by agencies in the NPS using year-specific versions of Table 6. Estimates and sample sizes have been rounded
according to Census Bureau DRB rules.

55


	Introduction
	Standards, practices, and challenges of collecting race and ethnicity data
	Federal guidelines and state practices
	Mismeasurement of race and ethnicity in criminal justice data
	The life cycle of race and ethnicity data in the justice system

	Differences between administrative and self-reported measures of race and ethnicity among the justice-involved population
	Data and methods
	Concordance of agency-recorded race/ethnicity versus Census Bureau race/ethnicity composites
	Evaluating alternative hypotheses related to record linkage errors

	Using Census Bureau composite race and ethnicity microdata to adjust federal statistics on incarceration
	Conclusion
	Tables
	Figures

